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Introduction 
 

The debate concerning the effects of economic globalization is of great importance. Increasingly, 

liberalizations which have furthered worldwide economic globalization have come under attack 

by groups who see globalization as a zero-sum game. Participants in the new global economy are 

viewed either as “winners” or “losers” (Pavcnik, 2017). Increased economic integration with 

developing countries, particularly the outsourcing of labor intensive production to developing 

countries, and the rise of powerful, multinational corporations, have been the targets of criticism 

from protectionists in developed countries. Woes such as wage stagnation and within country 

income inequality are often said to be side effects of the new global economy. Many, however, 

have supported further global economic integration. Groups such as the International Monetary 

Fund have argued that the increased integration of the world economies has not meaningfully 

contributed to income inequality (Dollar, 2001).  

 

The research described in this paper has been guided by this central question: What effect does 

economic globalization have on within-country income inequality? Using year to year OLS 

regressions, pooled OLS regressions, and fixed effects panel analysis, this research has found 

that no statistically significant relationship  exists between economic globalization and income 

inequality when controlling for factors such as GDP per capita, ethnic fractionalization, total 

population size, the share of the population in the prime working-age group, macroeconomic 

trends, and economic and political institutions.  

 There are three types of income inequality commonly described in the literature: within-

country income inequality, cross-country inequality, and worldwide inequality. Within-country 

inequality relates to the income inequality between citizens of the same country. Cross-country 

inequality relates to the differences in per capita income between countries. Worldwide income 

inequality relates to the differences in income between all people throughout the world. Although 

each measure of inequality is important and individually worthy of further research, it is 

important to note that the scope of this paper only encompasses within-country income 

inequality. 
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Literature Review 
 

The extent to which income inequality within countries exists has been extensively researched. 

The Organization for Economic Cooperation and Development argues that over the past 50 

years, income inequality within countries has been growing at an increasing rate. They argue that 

this is true for both developed and developing countries. Their results show that inequality in 

quickly developing nations such as India and China, and developed nations such as the United 

States, is large and growing at an increasing rate. Atkinson, Piketty, and Saez reach a similar 

conclusion in their 2011 paper Top Incomes in the Long Run of History. They found that in 

recent decades, the top percentile’s share of income has grown at a much faster rate than that of 

lower income percentiles. These high concentrations are most pronounced in the United States, 

the United Kingdom, India and China, and less pronounced in southern and northern European 

countries (Atkinson, Piketty, and Saez, 2011).  

A 2018 article in Asian Economic Papers by Wan, Wu. and Zhang, however, argues that 

the trend of growing inequality in China, a large, developing country, has been reversed. Their 

paper, The Decline of Income Inequality in China: Assessments and Explanations argues that 

many factors, chief among them increased transfer payments, have contributed to the reversal of 

this trend (Wan et al, 2018). 

   

Several investigations have been made into the effects of globalization on income inequality. In 

his book The Globalization of Inequality, François Bourguignon argues that the globalization of 

the world economy has played a role in decreasing inequality between countries by boosting the 

per capita incomes of countries such as China and India. He also argues that economic 

globalization has played a role in increasing income inequality within countries (Bourguignon, 

2017).  

In his recent book Global Inequality: A New Approach for the Age of Globalization, 

Branko Milanovic argues that globalism has played an important role in affecting two of the 

main types of income inequality: inequality within countries and inequality between countries. 

He argues that globalization has helped developing economies catch up to developed economies, 

decreasing inequality between countries. With regard to the effects of globalization on within-

country income inequality, Milanovic argues that a dynamic relationship exists. By modeling the 
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effects of globalization with Kuznets Waves (an adaptation of Kuznets Curves), Milanovic 

argues that globalization has had, and will continue to have, cyclical effects on income inequality 

(Milanovic, 2018). 

 A 2017 report from the International Monetary fund argues that trade reduces income 

inequality within countries. While using trade openness as a proxy for economic globalization, 

they found that a one percentage point increase in openness causes the income of the top decile 

to decline by 4% relative to the income of the bottom decile. They argue that a similar pattern 

can be seen by comparing the Gini coefficients of countries to degrees of trade openness 

(Cerdeiro, 2017). 

 

 

Data Sources 
 

The main dependent variable of interest in this study is disposable income inequality. Frederick 

Solt’s Standardized World Income Inequality Database, or SWIID, is used. This dataset provides 

panel formatted Gini index values for 174 countries. The Gini index ranges from zero to 100, and 

is an overall indicator of income inequality. Countries with Gini index values closer to 100 have 

relatively higher income inequality than countries with Gini index values closer to zero. The Gini 

index is calculated by multiplying Gini coefficients (the standard measure for inequality which 

range from zero to one, with one indicating high inequality and zero indicating perfect equality) 

by 100. For a few countries, historical Gini index data goes back as far as 1960, and is as recent 

as 2018. For the majority of countries, Gini data becomes available by the mid 1980s. There is 

data for approximately 40% of all country-years, making the SWIID dataset one of the most 

comprehensive and complete income inequality datasets. Another advantage of the SWIID 

dataset is its suitability for cross-national research. 

 When this research was initiated, the SWIID was also a preferable data set because it 

contained data on both disposable and market Gini index values. Market Gini index values 

capture within-country inequality before transfers and income redistribution, whereas disposable 

Gini index values capture within-country inequality after transfers and income redistribution. 

Upon further investigation, it became evident that market Gini index values were unrelated to the 

vast majority of possible independent variables discussed both in this paper and in the literature. 
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For that reason, this research will focus primarily on income inequality after transfers and 

income redistribution.  

 

Two variables, international trade as a percentage of GDP and net inflow of foreign direct 

investment as a percentage of GDP, are used as proxies for economic globalization. Countries 

that are more globalized should participate more in the global economy. Therefore, countries that 

have higher rates of international trade and foreign direct investment are considered more 

globalized than countries with lower rates of international trade and foreign direct investment. 

Using rates of trade and foreign direct investment as a share of GDP, as opposed to absolute 

figures, is an important way to control for the size of each country’s economy. Had absolute 

values of international trade and foreign direct investment been used, larger countries would 

have appeared to be much more globalized, even if that was not the case. The World Bank’s 

datasets on International Trade as a percentage of GDP and Net Inflow of Foreign Direct 

Investment as a percentage of GDP were chosen to represent globalization. Both datasets include 

nearly 200 countries.  The trade data goes back to 1960, and the foreign direct investment data 

goes back to 1970. In addition to being relatively complete datasets, they were both compiled by 

the World Bank, making the methods used to compile them more consistent than they would 

have been otherwise. For consistency’s sake, the world bank’s GDP per capita measured in 2011 

dollars is also used.  

 

Data for country populations are taken from the United Nation’s Population Division. This is a 

relatively complete dataset for country by country population going back to 1960.  

 

Data from the United Nations Population Division are used to determine the share of population, 

by country, between the ages of 25-59. This age group represents the segment of the population 

most likely to be participating in the workforce, and is referred to as the prime age group 

throughout this paper. 

 

Ethnic fractionalization data was taken from Alesina et al’s 2003 paper Fractionalization. This 

dataset gives countries an ethnic fractionalization score between zero and one. The 

fractionalization score represents the odds that two randomly selected people from a particular 
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country are from different ethnic groups. A score of one indicates a high degree of ethnic 

fractionalization, whereas a score of zero indicates a low degree of ethnic fractionalization.  

 

The Economic Freedom of the World Summary score (representing general economic freedom), 

Economic Freedom of the World Area Two score (representing the strength of legal institutions), 

Polity IV Polity score and Polity IV Executive Constraint score are used as institutional 

variables. The Economic Freedom of the World Index rates countries on a scale of zero to 10. 

Countries with scores closer to ten are relatively freer than countries with scores closer to zero. 

The Polity IV variable ranks the prevalence of democracy within a country on a score from -10 

to 10. Countries with scores close to -10 are considered highly autocratic, whereas countries with 

scores close to 10 are considered highly democratic. The Polity Executive Constraint variable is 

relatively self-explanatory. Countries with a well constrained executive have scores closer to 7, 

whereas countries with relatively unconstrained executives have scores closer to 0. A high 

executive constraint score is consistent with strong political institutions. Both datasets cover a 

large number of countries going back to at least 1980. Both sources are widely cited as 

institutional variables in economic literature.  

 

 

Expected Impact of the Control Variables 

 

The variables GDP per capita in 2011 dollars, share of the population between the ages of 25 and 

59 (prime age population), and the total population of a country are used as control variables 

throughout this investigation. Except for in the fixed effects analysis, ethnic fractionalization is 

also used as a control variable. Economic theory indicates that each of these variables will exert 

an impact on the degree of within-country income inequality. These variables will be collectively 

referred to as the basic model variables. 

A negative relationship is expected between GDP per capita and income inequality. 

Previous literature has identified how GDP per capita, via Kuznets’s curves, impacts income 

inequality (Milanovic, 2018). This theory implies an inverted u-shaped relationship between 

income per capita and within country income inequality. Income inequality is expected to be low 

in countries with low per capita income that have not changed much since the industrial 
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revolution. This is because in these countries, subsistence farming and cottage industries 

constitute the bulk of economic activities. Today, countries such as Malawi and Togo are part of 

this group. As an economy begins to develop, an elite few gain from increased development, 

increasing within-country income inequality. Today, Brazil and Columbia provide examples. 

However, as development continues and income levels rise, a larger and larger share of the 

population benefits from the process of development, resulting in a reduction in income 

inequality. High-income countries like Canada and The Netherlands provide current examples. 

Thus, a negative relationship is expected between per capita GDP and income inequality. 

A negative relationship is also expected between the share of population in the prime age 

(25-59 years) category and income inequality. Incomes are generally higher for individuals in the 

prime age category than for those who are either younger than 25 years or older than 59 years. 

Therefore, when the prime age group is a larger share of the total population, and the young and 

elderly a smaller share, income inequality will tend to be lower. 

A positive relationship is expected between the total population of a country and income 

inequality. More populous countries tend to have both more heterogeneous populations and 

greater regional variations. Both of these factors will increase income inequality. Consider the 

United States. Large cities across the United States, especially those on the west coast and in the 

northeast, are among the most expensive places in the world to live. As such, incomes in those 

large cities tend to be quite high. In contrast, the cost of living in places such as the Midwest and 

Southeast tend to be lower, particularly in rural areas. Similarly, income levels in these areas are 

also lower. China provides an even more extreme example of regional diversity. While income 

levels are high in Beijing and the city has one of the highest concentration of billionaires in the 

world, economic conditions in more rural, agrarian parts of China are similar to those of West 

Africa. Such regional differences positively affect within country income inequality. 

 Similarly, a positive relationship between ethnic fractionalization and income inequality 

is expected. Many countries, especially African and southern Asian countries, have high levels of 

ethnic fractionalization. Factors such as cultural differences and discriminatory treatment are 

likely to inhibit the full integration of various ethnic groups into the national economy. This 

stratification will result in greater within-country income inequality. 
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Year by Year OLS 
 

Year by year OLS regression analysis was used to determine the relationship between dependent 

and explanatory variables from 1995 to 2015 on ten year intervals. Ideally, it would be preferable 

to go back in time further to at least 1980. Doing that would have made any results drawn in this 

paper more robust. However, because of data limitations, the earliest time period feasible to start 

this study is 1995. As historical data becomes more available, it would be beneficial to revisit 

this topic to allow for additional years to be observed.  

In order to increase the number of observations, missing Gini index values on the ten year 

intervals were substituted by the closest existing datapoint within a five year radius. For 

example, if a country did not have a Gini coefficient in 1995, but it had one in 1999, the 1999 

Gini coefficient was used in place of the 1995 Gini coefficient.  Although doing this was not 

ideal, the benefits from having a higher number of observations outweighed the costs of using 

imperfect data, considering that income inequality changes slowly over time. A similar process 

was used in the pooled OLS regressions and in the fixed effects analysis. 

  Tables for each 1995, 2005 and 2015 include eleven different equations. For the year 

1995, equation one regresses the independent variable, disposable income inequality, against the 

basic model variables. Equations two and three add foreign direct investment as a share of GDP 

and trade as a share of GDP to the basic model, respectively. From there, EFW Summary, EFW 

Area Two, Polity and Executive Constraint variables are added separately to the basic model 

plus trade and the basic model plus foreign direct investment. This process was replicated for the 

years 2005 and 2015.  

 

R-squared values varied between a low of 0.3431in equation 23 (Gini vs the basic model in 

2015) and a high of 0.559 in equation 8 (Gini vs the basic model, trade, and EFW summary in 

1995). This indicates that the year by year OLS models have relatively high explanatory powers. 

 

Results for Indicators of Economic Globalization 

 

In the year 1995, neither coefficients for trade as a share of GDP nor net inflows of foreign direct 

investment as a share of GDP are statistically significant except for in equation 6, where foreign 
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direct investment is significant at the 10% level with a positive coefficient. Results for the year 

2005 are similar. Foreign direct investment is insignificant in each of the 5 equations in which it 

appears. The international trade variable is significant at the 5% level with a positive coefficient 

when regressed with the political variables (Polity and constraints on the executive), but is 

otherwise insignificant. In the year 2015, both international trade and foreign direct investment 

are insignificant in all equations. Overall, these results are consistent with the view that there is 

no statistically significant relationship between levels of economic globalization and within-

country income inequality. 

 

Results for Economic and Political Institution Variables 

 

In the year 1995, the Economic Freedom of the World Summary variable is significant at the 1% 

level with a positive coefficient when regressed in equations with either trade or foreign direct 

investment variables. In 2005, the Economic Freedom of the World Summary variable is 

significant at the 5% level with a positive coefficient when regressed with trade, and is 

significant at the 10% level with a positive coefficient when regressed with foreign direct 

investment. In 2015, the summary variable is insignificant in both the trade and foreign direct 

investment equations. It is worth noting that the number of observations in 2015 is significantly 

lower than in previous years. While the findings are not entirely consistent, the results provide 

some evidence that there is a positive relationship between the Economic Freedom of the World 

Summary variable and within-country income inequality. However, this was not the case for the 

legal structure area variable. In the years 1995, 2005 and 2015, the Economic Freedom of the 

World Area Two variable is never significant, indicating that there is no statistically significant 

relationship between the quality of legal institutions and income inequality. 

 In the year 1995, when regressed in equations with either foreign direct investment or 

trade, the polity variable has a positive coefficient and is highly significant at the 1% level. In the 

year 2005, the Polity variable is significant at the 1% level with a positive coefficient when 

regressed with foreign direct investment and at the 5% level with a positive coefficient when 

regressed with trade. The Polity variable is never significant in the year 2015, but there is reason 

to believe that this could be caused by the decrease in the number of observations. These results 



 11 

provide some evidence that there is a positive relationship between levels of democracy and 

income inequality.   

 In the year 1995, constraints on the executive is significant at the 5% level with a positive 

coefficient when regressed with foreign direct investment. In the same year, executive constraint 

is significant at the 10% level with a positive coefficient when regressed with trade. In 

regressions for the year 2005, executive constraint is significant at the 1% level with a positive 

coefficient when regressed with either trade or foreign direct investment.  In 2015, executive 

constraint is never significant in equations with either trade or foreign direct investment. Again, 

it is worth noting that there are significantly fewer observations in 2015 than there are in other 

years. Overall, these results are consistent with the view that a positive relationship exists 

between constraints on the executive and income inequality. 

 

Results for Basic Model Variables 

 

GDP per capita is almost always significant in the 33 year by year equations at the 5% level with 

a negative coefficient. The same can be said for the share of the population in the prime age 

group. In the years 1995 and 2005, ethnic fractionalization is almost always insignificant. Ethnic 

fractionalization is almost always significant at the 10% level with a positive coefficient in 2015, 

however. Total population size is almost always insignificant in all 33 year by year OLS 

regressions. These results are consistent with the views that GDP per capita and share in the 

prime age group have an impact on income inequality, but total population and ethnic 

fractionalization do not. 

 

Tabulated results for the year by year regressions can be found in tables 1 through 6 on the 

following pages.
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!

 

 

•! *** indicates significance at the 1% level, ** indicates significance at the 5% level, * indicates significance at the 10% level 

•! t-values in parentheses   

! !

TABLE 1 

Dependent Variable: Disposable Gini (SWIID) in 1995 

 1 2 3 4 5 6 7 

GDP Per Capita (2011 Dollars, 

in thousands) 

-0.2035** 

(-2.60) 

-0.1475* 

(-1.69) 

-0.1909** 

(-2.48) 

-0.3554*** 

(-3.77) 

-0.1539 

(0.166) 

-0.1724* 

(-2.03) 

-0.1610* 

(-1.85) 

Ethnic Fractionalization 4.7397 

(1.55) 

4.4590 

(1.41) 

5.107* 

(1.71) 

7.94411** 

(2.4) 

4.7136 

(1.29) 

4.2835 

(1.4) 

4.3619 

(1.39) 

Population in 1995 1.74e-7 

(0.04) 

1.22e-6 

(0.29) 

2.13e-6 

(0.50) 

1.14e-6 

(0.29) 

2.67e-7 

(.06) 

3.18-6 

(0.79) 

2.13e-6 

(0.52) 

Share of Population 25-64 in 

1995 

-0.03969*** 

(-3.25) 

-0.5172*** 

(-4.18) 

-0.4457** 

(-3.38) 

-0.5176*** 

(-3.84) 

-0.4367*** 

(-2.81) 

-0.7003*** 

(-5.55) 

-0.6656*** 

(-5.15) 

Trade as a share of GDP   0.01804 

(1.36) 

    

Foreign Direct Investment  .2637 

(1.47) 

 0.09197 

(0.32) 

0.4199 

(1.37) 

0..2960* 

(1.73) 

0.2659 

(1.52) 

EFW Summary    2.516*** 

(3.55) 

   

EFW Area Two     -0.6705 

(-0.9) 

  

Polity      0.3751*** 

(3.37) 

 

Executive Constraint       0.8761** 

(2.43) 

R-Squared .373 .4107 .4377 .544 .4789 .4788 .4528 

Observations 121 113 110 91 89 110 110 
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•! *** indicates significance at the 1% level, ** indicates significance at the 5% level, * indicates significance at the 10% level 

•! t-values in parentheses   

!

! !

TABLE 2 

Dependent Variable: Disposable Gini (SWIID) in 1995 

 8 9 10 11    

GDP Per Capita (2011 Dollars, 

in thousands) 

-0.3616*** 

(-4.35) 

-0.2311** 

(-2.39) 

-0.2108*** 

(-2.77) 

-.2044*** 

(-2.62) 

   

Ethnic Fractionalization 9.0346*** 

(2.86) 

6.6772* 

(1.88) 

4.3791 

(1.46) 

4.4719 

(1.53) 

   

Population in 1995 1.45e-6 

(0.37) 

8.69e-7 

((0.20) 

4.05e-6 

(0.97) 

2.64e-6 

(.62) 

   

Share of Population 25-64 in 

1995 

-0.4531*** 

(-3.09) 

-0.3462* 

(-2.05) 

-0.6440*** 

(-4.46) 

-.5734*** 

(-3.93) 

   

Trade as a share of GDP 0.0059 

(0.43) 

0.01843 

(1.29) 

0.02045 

(1.45) 

.01615 

(1.13) 

   

Foreign Direct Investment  

 

      

EFW Summary 2.488*** 

(3.54) 

      

EFW Area Two  -0.2603 

(-.036) 

     

Polity   .3361*** 

(2.78) 

    

Executive Constraint    .6683* 

(1.71) 

   

R-Squared .559 .4962 .4148 .4572    

Observations 91 88 106 106    
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•! *** indicates significance at the 1% level, ** indicates significance at the 5% level, * indicates significance at the 10% level 

•! t-values in parentheses   

!

! !

TABLE 3 

Dependent Variable: Disposable Gini (SWIID) in 2005 

 12 13 14 15 16 17 18 

GDP Per Capita (2011 Dollars, 

in thousands) in 2005 

-0.1911*** 

(-4.15) 

-0.1826*** 

(-4.16) 

-0.1924*** 

(-4.19) 

-0.2244*** 

(-4.78) 

-0.2049*** 

(-3.51) 

-0.2199*** 

(-4.96) 

-0.2196*** 

(-4.87) 

Ethnic Fractionalization 2.8609 

(1.04) 

2.7825 

(1.02) 

2.4306 

(.88) 

4.9393* 

(1.73) 

4.900 

(1.67) 

3.43 

(1.24) 

3.792 

(1.24) 

Population in 2005 4.12e-6 

(1.09) 

5.30e-6 

(1.47) 

3.78e-6 

(1.00) 

5.83e-6* 

(1.67) 

5.12e-6* 

(1.44) 

7.32e-6** 

(2.09) 

6.83e-6** 

(1.98) 

Share of Population 25-64 in 

2005 

-0.2430** 

(-2.45) 

-0.2800*** 

(-2.65) 

-0.2341** 

(-2.36) 

-0.3520*** 

(-2.99) 

-0.2979** 

(-2.40) 

-0.3788*** 

(-3.38) 

-0.3969*** 

(-3.5) 

Trade as a share of GDP in 

2005 

 0.0005325 

(0.52) 

 0.004481 

(.41) 

0.0103 

(0.65) 

0.01698** 

(1.43) 

0.01734** 

(1.47) 

Foreign Direct Investment in 

2005 

  -0.02724 

(-1.38) 

    

EFW Summary in 2005    1.7849** 

(2.06) 

   

EFW Area Two in 2005     0.3700 

(0.56) 

  

Polity in 2005      0.2960** 

(2.55) 

 

Executive Constraint in 2005       1.01553*** 

(2.72) 

R-Squared .3526 .4127 .3622 .4771 .4574 .4885 .4941 

Observations 134 121 134 111 111 114 114 
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•! *** indicates significance at the 1% level, ** indicates significance at the 5% level, * indicates significance at the 10% level 

•! t-values in parentheses   

!

! !

TABLE 4 

Dependent Variable: Disposable Gini (SWIID) in 2005 

 19 20 21 22    

GDP Per Capita (2011 Dollars, 

in thousands) in 2005 

-0.2398*** 

(-4.82) 

-0.1937*** 

(-3.13) 

-0.2026*** 

(-4.43) 

-0.2006*** 

(-4.41) 

   

Ethnic Fractionalization 3.5205 

(1.21) 

3.239 

(1.09) 

3.075 

(1.16) 

3.4645 

(1.31) 

   

Population in 2005 4.12e-6 

(1.12) 

3.56e-6 

(0.96) 

5.85e-6* 

(1.66) 

5.26e-6 

(1.51) 

   

Share of Population 25-64 in 

2005 

-0.2930*** 

(-2.63) 

-0.2048* 

(-1.76) 

-0.3662*** 

(-3.62) 

-0.3799*** 

(-3.71) 

   

Trade as a share of GDP in 

2005 

       

Foreign Direct Investment in 

2005 

-0.02873 

(-1.51) 

-0.02564 

(-1.33) 

-0.1092 

(-1.21) 

-0.1160 

(-1.29) 

   

EFW Summary in 2005 1.5959* 

(1.78) 

      

EFW Area Two in 2005  -0.1285 

(-0.19) 

     

Polity in 2005   .3014*** 

(2.68) 

    

Executive Constraint in 2005    0.9850*** 

(2.75) 

   

R-Squared .3905 .4052 .4570 .4587    

Observations 120 120 124 124    
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•! *** indicates significance at the 1% level, ** indicates significance at the 5% level, * indicates significance at the 10% level 

•! t-values in parentheses   

!

! !

TABLE 5 

Dependent Variable: Disposable Gini (SWIID) in 2015 

 23 24 25 26 27 28 29 

GDP Per Capita (2011 Dollars, 

in thousands) in 2015 

-0.1296*** 

(-3.33) 

-0.1389*** 

(-3.44) 

-0.1428*** 

(-3.57) 

-0.1649*** 

(-3.70) 

-0.1519** 

(-2.52) 

-0.1419*** 

(-3.25) 

-.01359*** 

(-3.08) 

Ethnic Fractionalization 7.2226** 

(2.21) 

5.879* 

(1.80) 

7.4447** 

(2.28) 

6.470* 

(1.95) 

6.111* 

(1.79) 

6.1526* 

(1.83) 

6.1804* 

(1.83) 

Population in 2015 6.06e-6 

(1.33) 

6.12e-6 

(1.36) 

6.55e-6 

(1.44) 

7.1e-6 

(1.56) 

6.12e-6 

(1.36) 

7.23e-6 

(1.51) 

5.93e-6 

(1.27) 

Share of Population 25-64 in 

2015 

-0.2350* 

(-1.85) 

-0.2559* 

(-1.90) 

-0.2320* 

(-1.83) 

-0.2754** 

(-2.03) 

-0.253* 

(-1.85) 

-0.2820** 

(-2.09) 

-0.2671* 

(-1.94) 

Trade as a share of GDP in 

2015 

 .002991 

(0.27) 

 0.0004301 

(.04) 

0.002804 

(.24) 

-.0003357 

(-0.25) 

-0.004738 

(-.35) 

Foreign Direct Investment in 

2015 

  .07483 

(1.30) 

    

EFW Summary in 2015    1.4718 

(1.38) 

   

EFW Area Two in 2015     0.2335 

(0.29) 

  

Polity in 2015      .1556 

(0.95) 

 

Executive Constraint in 2015       0.2009 

(0.40) 

R-Squared .3431 .4030 .3832 .4142 .4009 .4205 .4179 

Observations 94 88 94 87 87 85 84 
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•! *** indicates significance at the 1% level, ** indicates significance at the 5% level, * indicates significance at the 10% level 

•! t-values in parentheses   

!

TABLE 6 

Dependent Variable: Disposable Gini (SWIID) in 2015 

 30 31 32 33    

GDP Per Capita (2011 Dollars, 

in thousands) in 2015 

-0.1716*** 

(-3.86) 

-0.1534** 

(-2.49) 

-0.1489*** 

(-3.72) 

-0.1433*** 

(-3.52) 

 

   

Ethnic Fractionalization 7.7661** 

(2.38) 

7.4931** 

(2.25) 

6.0880* 

(1.94) 

5.9156** 

(1.86) 

   

Population in 2015 6.91e-6 

(1.5) 

5.99e-6 

(1.32) 

9.35e-6* 8.00e-6    

Share of Population 25-64 in 

2015 

-0.2201* 

(-1.71) 

-0.1960 

(-1.54) 

-0.3363*** 

(-2.76) 

-0.3366*** 

(-2.70) 

   

Trade as a share of GDP in 

2015 

       

Foreign Direct Investment in 

2015 

0.06652 

(1.16) 

0.07360 

(1.28) 

0.05024 

(0.84) 

0.05116 

(0.82) 

   

EFW Summary in 2015 1.0995 

(1.02) 

      

EFW Area Two in 2015  0.02846 

(0.04) 

     

Polity in 2015   0.2306 

(1.54) 

    

Executive Constraint in 2015    0.4138 

(0.88) 

   

R-Squared .3961 .3887 .4242 .4156    

Observations .92 92 90 89    
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Pooled OLS1 
 

Pooled OLS analysis was also used to determine the effects of economic globalization on income 

inequality. This pooled OLS analysis was performed on a balanced panel of 74 countries for the 

years 1995 through 2015 on five year intervals. Ideally, this analysis would have been performed 

on a larger set of countries with data that went back further than 1995. Unfortunately, because of 

gaps in the data, 1995 is the farthest back this analysis can go. Had a balanced panel set starting 

in 1990 been used, the sample set would include only 48 countries. In order to increase the 

number of observations, missing Gini index values on the five year intervals were substituted by 

the closest existing datapoint within a 10 year range. For example, if a country did not have a 

Gini coefficient in 1995, but it had one in 1999, the 1999 Gini index value was used in place of 

the 1995 Gini coefficient. Although this is not ideal, Gini coefficients do not change very quickly 

over time, mitigating the potential adverse effects of this method. The gains from having a larger 

sample size outweigh the losses of imperfect data. This rounding method was not used for the 

independent variables, however, as those variables tend to change relatively quickly over time. 

Only countries with complete observations for all independent variables in the years 1995, 2000, 

2005, 2010 and 2015 were used in the pooled OLS analysis. 

The same basic model variables, economic globalization variables, economic institution 

variables and political institution variables are used. Dummy variables for the years 2000, 2005, 

2010 and 2015 (with 1995 serving as the base year) are added to the basic model (which in this 

section will be referred to as the pooled OLS basic model) to control for variations in worldwide 

macroeconomic conditions. The first equation regresses the disposable Gini against the pooled 

OLS basic model. The economic globalization variables are then added separately to the next 

two equations. In subsequent equations, the political and economic institutional variables are 

added separately to the equations with the economic globalization variables.  

R-square values for the 11 pooled OLS models hover around 0.5, indicating that the 

models have relatively high explanatory powers. 

 

 
1 The pooled OLS model is the most appropriate model to use in the context of this study. Not only is it able to 

capture the effects of the independent variables on income inequality over time (which is not captured by the year 

to year OLS models), it also avoids the multicollinearity issues that arise from using the fixed effect model 

(discussed later). 
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Results for Indicators of Economic Globalization 

 

In the balanced panel analysis, neither foreign direct investment nor trade are ever significant at 

the 10% level. These results are consistent with the view that there is no statistically significant 

relationship between within-country income inequality and levels of economic globalization. 

 

Results for Economic and Political Institution Variables: 

 

Economic Freedom of the World Summary coefficients are consistently positive and significant 

at the 1% level. These results support the view that there is a positive relationship between 

overall economic freedom and income inequality. The EFW Area Two variable is significant at 

the 5% level with a positive coefficient when regressed with trade, but is insignificant when 

regressed with foreign direct investment. When considering this result with the results drawn in 

the year by year regressions, the pooled OLS analysis seems to support the view that no 

significant relationship exists between the quality of legal institutions and income inequality. The 

Polity variable is significant at the 1% level with a positive coefficient when regressed with 

trade, and is significant at the 5% level with a positive coefficient when regressed with foreign 

direct investment. These findings are consistent with the view that a positive relationship exists 

between levels of democracy and income inequality. The executive constraint variable is 

significant at the 10% level with a positive coefficient when regressed with foreign direct 

investment and is significant at the 5% level with a positive coefficient when regressed with 

trade. These findings are consistent with the view that a positive relationship exists between 

constraints on the executive and income inequality. 

 

Results for Basic Model Variables 

 

In all eleven equations, GDP per capita coefficients are negative and significant at the 1% level. 

This indicates that a strong, negative relationship exists between income inequality and GDP per 

capita. In every equation, ethnic fractionalization is highly statistically significant at the 1% level 

and always has a positive coefficient. This indicates that a strong, positive relationship exists 

between the degree of ethnic fractionalization and income inequality. Total population has 
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varying significance in each of the 11 pooled OLS equations. It is significant at the 10% level 

with a positive coefficient in five of the equations. It is significant at the 5% level with a positive 

coefficient in three of the equations, and is significant at the 1% level with a positive coefficient 

in the remaining three equations. Generally speaking, total population seems to be most 

significant when regressed with the institutional variables. These results support the view that a 

positive relationship exists between total population and income inequality. The prime age 

variable coefficient is significant at the 1% level in each of the 11 equations with a negative 

coefficient, indicating a strong negative relationship between income inequality and the share of 

the population in the prime age group.  

 

Results for Time Dummy Variables 

 

The Year 2000 dummy variable is never statistically significant, indicating that there was no 

significant difference in macroeconomic conditions between the years 1995 and 2000. The Year 

2005 dummy is significant at the 10% level with a positive coefficient when regressed with the 

basic model, the basic model plus trade and the basic model plus trade and Economic Freedom 

of the World Area Two. These results weakly indicate that macroeconomic conditions in 2005 

had a positive effect on income inequality relative to the year 1995.  The coefficients for year 

dummies 2010 and 2015 are significant at the 10% level and positive in all equations except 

equations 36 and 41, which both include Economic Freedom of the World Summary. These 

weakly assert that unspecified macroeconomic factors made income inequality relatively higher 

in 2010 and 2015 than in 1995. 

 

Tabulated results for the pooled OLS analysis can be found on pages 21 and 22. 

 

 

 

 

 

 

 



 21 

!



 22 



 23 

Fixed Effects Panel Analysis2 

 

The final form of analysis used in this paper is fixed effects panel analysis. The same set of 

variables used in the pooled OLS analysis was used in the panel analysis, except ethnic 

fractionalization was not included. Ethnic fractionalization data is only available for the year 

2003, so it is not possible to include it in a panel analysis. Partly because of this, a fixed effects 

model was used as opposed to a random effects model. Fixed effects models assume that there 

are factors within each individual (in the context of this paper, each country) which impact the 

dependent variable that are both time invariant and not correlated with those of other individuals. 

Based upon the findings in the year by year OLS regressions and the pooled OLS regressions, it 

is known that ethnic fractionalization is a time invariant within-country factor that influences 

income inequality. Using the fixed effects model made it possible to account for within country 

ethnic fractionalization without directly including it as a variable in the model. The same 

balanced panel of 74 countries that was used in the pooled OLS analysis was also used in the 

fixed effects analysis.  

 

Results for Indicators of Economic Globalization 

 

As is the case in the pooled OLS regressions, the trade and foreign direct investment variables 

are never statistically significant. This further confirms the findings that economic globalization 

does not have an effect on income inequality. 

 

2
 There is reason to expect that the fixed effects model will not work well for variables that 

change very little within a country through time. In the fixed effects model of this study, the 

dummy variable for each country will, to a large degree, capture the impact of variables that vary 

by only a small amount through time.  While control variables such as per capita GDP and 

country population are not strictly time invariant, they do not change by large amounts over a 

two decade time frame. As a result, the country dummy variables will, in part, reflect the impact 

of these variables. Essentially, multicollinearity issues arise when slowly changing variables are 

included in fixed effects models. This causes biased coefficient estimates. This is the likely 

explanation for why the sign of the per capita GDP variable is positive in the fixed effects 

analysis, but negative in both the year by year OLS and pooled OLS regressions. However, 

because the main independent variables of interest, trade and foreign direct investment, change 

substantially through time, thus multicollinearity issue is less of a problem for these variables. 
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Results for Economic and Political Institution Variables 

 

The Economic Freedom of the World Summary variable was highly significant at the 1% level 

with a positive coefficient for both equations with trade and foreign direct investment. These 

results indicate a strong positive relationship between income inequality and the overall quality 

of economic institutions. The Economic Freedom of the World Area Two variable is significant 

at the 5% level with a positive coefficient when regressed with trade, and is significant at the 1% 

level with a positive coefficient when regressed with foreign direct investment. These results 

indicate a positive relationship between legal rights and income inequality. The Polity variable is 

significant at the 10% level with a positive coefficient when regressed with trade. Otherwise, all 

political variables are insignificant, suggesting that the quality of political institutions does not 

have a significant effect on income inequality. 

 

Results for Basic Model Variables 

 

The most eye-catching results of this analysis relate to GDP per capita. The GDP per capita 

variable is significant at the 5% level in all eleven equations, but the signs on the coefficients are 

always positive suggesting a positive relationship between per capita income and income 

inequality. This is inconsistent with results from year by year and pooled OLS regressions. As 

discussed in footnote two, there is reason to think that this sign change is due to bias from 

multicollinearity issues unique to the fixed effects model. Total population is highly significant 

at the 1% level and has a positive coefficient in all equations, supporting the view that a positive 

relationship between total population and income inequality exists. The share of population in 

the prime age group is highly significant at the 1% level in all eleven equations and carries a 

negative coefficient. This supports the view that a negative relationship between income 

inequality and the share of population in the prime age group exists. 

 

Results for Time Dummy Variables 

 

The year 2000 dummy variable is significant with a positive coefficient in all equations except 

equations 47 and 52 when it was regressed alongside the Economic Freedom of the World 
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Summary Variable. Additionally, it is significant at the 5% level with a positive coefficient when 

regressed with the base model and when regressed with foreign direct investment (except when 

regressed with foreign direct investment and Economic Freedom of the World Summary). These 

results support the view that worldwide macroeconomic conditions in 2000 had a positive effect 

on income inequality relative to 1995. Coefficients for the dummy variables of later years are 

generally insignificant, indicating that no macroeconomic trends were influencing income 

inequality during those years.  

 

Tabulated results for the fixed effects panel analysis can be found on pages 26 and 27. 

 

Greatest Change Tables 
 

The results drawn from year by year OLS, pooled OLS, and panel analysis are illustrated 

in tables 11, 12 and 13, which can be found in the appendix. Each table shows the change in Gini 

between the years 1990 and 2015 for the ten countries with the largest increases in foreign direct 

investment, trade and Economic Freedom of the World Summary respectively (changes in trade 

and foreign direct investment were normalized for the size of total GDP in 1990). Tables 11 and 

12 show no clear pattern between the changes in globalization variables and the changes in Gini 

values. This is consistent with the finding that economic globalization has no significant impact 

on within-country inequality. Table 13 shows that countries with the largest increases in 

Economic Freedom of the World Summary rankings have had, on average, large increases of 

within-country income inequality. This is consistent with the finding that a positive relationship 

exists between economic freedom and within country income inequality. Although these tables 

are by no means statistically rigorous, it is still interesting to consider how inequality changed in 

the countries with the largest increases in economic globalization and economic freedom. 
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Conclusion 
 

The goal of this research project was to determine the impacts of economic globalization on 

income inequality. In the 55 regressions where they were used as independent variables, 

measures of economic globalization were insignificant in 52 of them. No overall trends between 

income inequality and economic globalization can be found in the data. Based on these results, it 

can be said with confidence that economic globalization does not play an important role in 

determining within-country disposable income inequality. The results drawn also support the 

view, albeit to a lesser degree, that a statistically significant positive relationship exists between 

the Economic Freedom Summary, Polity, and Executive Constraint variables and income 

inequality. 

As for the basic model variables, it can be said with confidence that there exists a 

statistically significant, negative relationship between the share of the population in the prime 

age group and income inequality. The findings also support the view that there exists a positive 

relationship between the extent of ethnic fractionalization and income inequality. Although 

ethnic fractionalization results are somewhat mixed in the year by year OLS models, results from 

the pooled OLS models indicate positive and highly significant coefficients. Similarly, the results 

show a strong, negative relationship between per capita income and income inequality. Results 

from year to year and pooled OLS models indicate a statistically significant negative relationship 

between the two variables. While results from the fixed effects models indicated a positive 

relationship, this is likely due to multicollinearity issues specific to the fixed effects process. 

Results from the pooled OLS regressions also support the view that a positive relationship exists 

between total population and income inequality. 

 

There are possible limitations to these results, given that they were drawn from a relatively small 

sample size only going back to 1995. Unfortunately, this was unavoidable due to the historical 

incompleteness of the data. It would be worthwhile to revisit this topic as data for more countries 

and more years become available. 

Although no statistically significant relationship between economic globalization and 

income inequality was found, some of the results supported the view that a positive, statistically 

significant relationships exist between within-country income inequality and the quality of 
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economic and political institutions. These relationships would be a promising area for further 

research.  
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Appendix 
 

Table 11: The change in income inequality for the countries with the greatest increase in 

foreign direct investment 

Country 

Real Change in FDI 

over 1990 GDP 

Change in 

Gini 

Ireland 2.748974 -3 

Singapore 0.933414 0.8 

Cyprus 0.67387 0.3 

Netherlands 0.580845 1.2 

Panama 0.496594 -4.3 

China 0.288744 8.9 

Ghana 0.263745 4.2 

Chile 0.25894 -3.2 

Switzerland 0.251939 -2.1 

Costa Rica 0.183303 5.2 

Average 0.668037 0.8 

 

Table 12: The change in income inequality for the countries with the greatest increase in trade 

Country 

Real Change in Trade 

over 1990 GDP 

Change in 

Gini 

China 3.841991 8.9 

Uganda 1.571227 0.9 

Singapore 1.315725 0.8 

Panama 1.284511 -4.3 

Malaysia 1.198143 -4.4 

Ghana 1.086795 4.2 

Sri Lanka 1.069046 5.6 

Bangladesh 1.061759 3.3 

Ireland 1.025683 -3 

Dominican Republic 1.019292 -2.8 

Average 1.447417 0.92 

 

 

 

 

 

 

 

 

 

 

 

 

 



 33 

 

Table 13: The change in income inequality for the countries with the greatest increase in the 

Economic Freedom of the World Summary  

Country Change in EFW Change in Gini 

Uganda 4.49 0.9 

Zambia 3.82 2.2 

Peru 3.75 -8.7 

Poland 3.68 4.6 

Bulgaria 3.17 5.6 

Israel 2.92 4 

Tanzania 2.88 3.2 

Romania 2.79 11.7 

Rwanda 2.74 8.3 

China 2.27 8.9 

Average Change 3.251 4.07 

 

 

Table 14: The change in income inequality for the countries with the greatest increase in the 

Polity variable 

Country Change in FDI  Change in Gini 

Indonesia 16 4.7 

Kenya 16 -3.6 

Zambia 16 2.2 

Ghana 15 4.2 

Malawi 15 -6 

Tunisia 12 -4.4 

Cote D'Ivoire 11 0.6 

Tanzania 9 3.2 

Mexico 8 -1.4 

Paraguay 7 2 

Average Change 12.5 0.15 

 

 


