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Does Inmate Behavior Affect Post-Release Offending?

Investigating the Misconduct-Recidivism Relationship among Youth and Adults

ABSTRACT

Recent scholarship has highlighted the potential implications of in-prison experiences for
prisoner reentry and, in particular, recidivism. Few penological or reentry studies, however,
have examined the relationship between one experience that may be especially consequential,
inmate misconduct, and recidivism. The goal of this study is to address this gap in the literature
by employing a matching design that estimates the effect of inmate misconduct on reoffending,
using data on a release cohort of Florida prisoners. The results indicate that inmates who engage
in misconduct, violent misconduct in particular, are more likely to recidivate. Consistent with
prior scholarship, we find that this relationship holds only for adult inmates. These findings
underscore the importance of prison experiences for understanding recidivism, examining

youthful and adult inmate populations separately, and devising policies that reduce misconduct.
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INTRODUCTION

The emergence of mass incarceration during the last three decades has led to considerable
interest in understanding the factors that promote successful reentry outcomes, such as decreased
recidivism. Scholars have, for example, investigated how housing, employment, education, and
mental and physical health—and programs targeting them—may affect the likelihood of ex-
prisoner offending (see, generally, Petersilia 2003; Travis 2005; Lattimore et al. 2010; Visher
and Travis 2011). They also have investigated the extent to which incarceration, as a sanction,
may affect the behavior of inmates after release from prison (Nagin et al. 2009; Cullen et al.
2011). This work emphasizes the critical need to understand how prison experiences influence
inmate offending and, more generally, how research on such experiences may help to improve
the ability to predict recidivism (Adams 1992; Bottoms 1999; Mears and Mestre 2012).

Many dimensions of the prison experience may influence recidivism, but one—inmate
misconduct—bears particular attention for several reasons. First, prison misconduct may stand
as a proxy measure of a propensity to offend (Trulson et al. 2011) or of the factors that
contributed to pre-incarceration offending. Second, misconduct may stem from exposure to a
criminogenic environment, one that may induce misconduct and the perception that prison
authority operates in an illegitimate manner (see, e.g., Reisig and Mesko 2009). These effects in
turn may increase the likelihood of recidivism. For example, misconduct may result in
perceptions of injustice, strains, or the labeling of inmates as “bad apples,” which, in accordance
with defiance, strain, and labeling theories, respectively, would increase offending (Sherman
1993; Agnew 2006; Bernburg 2009; Nagin et al. 2009).

Under either scenario, prisoners’ misbehavior may provide valuable information for
improving the management and effectiveness of prisons, and for understanding the prospects of
released prisoners’ for desisting from offending upon release. Even so, few studies have
investigated the link between prison misconduct and recidivism. Those that do exist typically

have focused only on juvenile or adult samples and individuals released from one institution.



They also typically have not employed methodologies that directly addressed potential selection
effects that might influence the estimated association between misconduct and recidivism.
Accordingly, the goal of this study is to build on recent scholarship aimed at understanding
how prison experiences and recidivism are related, and, in particular, to examine whether inmate
misconduct is associated with recidivism. In so doing, this paper contributes to efforts to explain
whether and how prison experiences influence prisoner reentry and, more generally, desistance
from offending (Nagin et al. 2009; Bushway and Apel 2012; Mears and Mestre 2012). To this
end, the paper discusses prisoner reentry and prior research on prison misconduct and recidivism.
It then describes the theoretical arguments for why misconduct may contribute to recidivism and
the relevance of using information about misconduct to improve risk prediction efforts. To
assess the proposed relationship, we use data from the Florida Department of Corrections. These
data provide a unique opportunity to examine youthful and adult inmates from the same prison
system and from a wide range of facilities and to employ propensity score matching analyses to

determine if, after matching on potential confounders, misconduct and recidivism are associated.

BACKGROUND

The motivation for this paper stems from the relative inattention in scholarship to date to how
in-prison experiences such as misconduct may contribute to or provide additional information
about prisoner reentry outcomes. Accordingly, we begin first by describing the salience of
prisoner reentry as a social problem. We then focus on prisoner misconduct and its potential
association with recidivism. Specifically, we discuss prior empirical research on this association,
theoretical accounts of it, and how misconduct may provide useful information about recidivism

risk even if the association between the two is not causal.

Prisoner Reentry

The growth in prison populations in recent decades is historically unprecedented (Gottschalk



2010) and has created a situation in which over 730,000 inmates are released from state and
federal prisons annually (West et al. 2010:4). The risk of recidivism is considerable—national
estimates suggest that over two-thirds of prisoners will be rearrested within 3 years of release
(Langan and Levin 2002). These prisoners typically have poor educational backgrounds,
histories of drug abuse and physical and mental illness, unemployment, and homelessness, and,
concomitantly, face such barriers to reentry as restrictions on housing and employment and a
return to areas of concentrated disadvantage (Petersilia 2003; Travis 2005; Clear 2007; Lattimore
et al. 2010; Mears and Mestre 2012). The risk of recidivism thus is high, and so, too, is the risk
that ex-prisoners will create further harm to the communities to which they return.

Set against such considerations is the fact that little remains known about how in-prison
experiences may affect recidivism. Certainly, a large and emerging body of scholarship on
prisoner reentry suggests that a range of programs and policies may improve life outcomes of
released inmates (see, e.g., Cullen and Gendreau 2000; MacKenzie 2006; Pratt 2009; Mears
2010; Wilson and Petersilia 2011). Similarly, improvements in risk prediction have enabled
corrections officials to improve classifications of released prisoners based on their likelihood of
future offending (Gottfredson and Moriarty 2006; Andrews et al. 2011; Rhodes 2011). Yet,
basic questions remain about the ways in which prison experiences may influence recidivism and
how information about them may create opportunities to improve risk prediction (Nagin et al.
2009; Cullen et al. 2011; Brennan 2012; Bushway and Apel 2012; Latessa 2012; Mears and
Mestre 2012; Piquero 2012). Thus, there is a need for research that unpacks different

dimensions of the prison experience and that examines how they may be related to recidivism.

Prison Misconduct and Recidivism

Although inmate experiences are heterogeneous (Adams 1992), misconduct has emerged as a
prominent focus in scholarly studies for several reasons. One is that it provides a direct

reflection of the extent to which social order exists in prisons (Sykes 1958; Toch 1977; Adams



1992; Gendreau et al. 1997; Bottoms 1999; Irwin 2005; Useem and Piehl 2008). It thus provides
an avenue not only for investigating rule violations in prison settings, it also allows more broadly
for the investigation of the conditions under which social order arises and is maintained. For
example, scholars have devoted substantial attention to investigating such issues as whether
inmate misconduct stems from the importation of behavior into prisons or from the deprivations
associated with incarceration (see, e.g., Sykes 1958; Reisig 1998; see, generally, Bottoms 1999).
Misconduct is of interest for other reasons as well. In particular, it constitutes an experience that
(1) may contribute to recidivism or (2) may provide additional information about recidivism risk
(Bushway and Apel 2012). It therefore holds the potential to inform efforts aimed at

understanding and improving desistance from offending.

Empirical Research on the Misconduct and Recidivism Relationship

Empirical studies on misconduct and recidivism have produced mixed results. A review
conducted by O’Leary and Glaser (1972) suggested that there was little to no association
between in-prison misconduct and parole success or failure. Recent research, such as Trulson et
al.’s (2011) study of violent juvenile offenders, reinforces that assessment. Hill’s (1985) review
found that several studies reported a modest association between misconduct and recidivism.
Yet, the studies typically did not adjust for the fact that infractions usually were associated with
other predictors of recidivism, including age and prior record. Hill’s review also found that
many studies, including ones by Glueck and Glueck (1930) and Ohlin (1951), identified no
significant misconduct-recidivism association. Collectively, this scholarship suggests that there
may be no significant link between misconduct and recidivism.

Juxtaposed against such work are studies that suggest that misconduct does in fact predict
recidivism even after controlling for a range of confounding influences. Gottfredson and Adams
(1982), for example, found that, net of other criminal risk factors, misconduct was significantly

related to parole infractions. And Lattimore et al. (1995) found that juveniles who were



aggressive while confined were subsequently more likely to recidivate for a violent offense.
These two studies and several others (see, e.g., Lattimore et al. 2004; Trulson et al. 2005; Spivak
and Damphousse 2006; Huebner et al. 2007; Trulson et al. 2007; Heil et al. 2009) lend support to
arguments that misconduct predicts offending (Gendreau et al. 1997). French and Gendreau’s
(2006) meta-analysis of correctional programs found that interventions that reduced prison
misconduct also reduced recidivism. That assessment lends further, if indirect, support to the
view that misconduct is positively associated with reoffending after release from prison.
Existing research thus provides inconsistent evidence concerning the misconduct-recidivism
association. In addition, there have been, as Mooney and Daffern (2011:57) have emphasized,
relatively few rigorous empirical investigations of this association. Trulson et al. (2011:712)
recently echoed this assessment, noting the “paucity of research” that exists on it. The limited
number of studies is a concern because of the mixed findings to date. Another concern is that
studies typically have been divided between those that focus on juveniles or on adults or have
focused only on individuals released from one or two facilities. This divide in turn raises
questions about the comparability of results across studies and their generalizability. A final
concern is that few studies to date have employed methodological approaches that can address

factors that confound the estimation of the misconduct and offending relationship.

How Misconduct May Cause Recidivism

Prior theory and research suggests that misconduct may result from several factors, and these
factors may also contribute to offending. It may, for example, be “imported” into prison settings
or it may stem from the deprivations associated with incarceration (see, e.g., Sykes 1958;
Thomas 1977). In the former view, inmates who engage in misconduct do so because of their
nature or the experiences that they have had prior to prison. In the latter view, the “pains of
imprisonment” that Sykes (1958) identified produce inmate misconduct.

Other theoretical perspectives suggest the potential for misconduct to be associated with



recidivism. For example, misconduct may stem from deviant behavior learned as a result of
being incarcerated (Adams 1992; Gendreau et al. 1999). From a social learning theory
perspective, such learning can be anticipated to exert an effect that results in continued offending
after release from prison (Akers and Sellers 2009).

Misconduct also may result from the way in which prisons are operated and the general
conditions within them (Adams 1992; Reisig 1998; Bottoms 1999). For example, prisons
represent social ecological contexts, with some promoting more vigilant rule enforcement or
more punitive sanctioning of inmates, and others allowing greater officer abuse of inmates (Toch
1977; Bottoms 1999; Irwin 2005). As a result, inmates may feel that prison authorities,
including officers, apply rules inconsistently or unfairly, and so act defiantly (e.g., Tyler 2003;
Reisig and Mesko 2009). These perceptions of injustice may extend beyond the prison walls. In
some studies, for example, interviews with ex-prisoners suggest that their perceptions of how
they were treated while incarcerated exerted lasting, post-incarceration effects (see, e.g., Maruna
2001). By extension, and consistent with Sherman’s (1993) defiance theory, misconduct may
result from the prison experience and in turn produce feelings of injustice that persist after
release and so increase the likelihood of offending.

Apart from such factors, there is the possibility that prison system reactions to misconduct—
such as segregating inmates, prohibiting visitation, limiting access to programs or services—may
create strains that themselves are criminogenic (see, generally, Bottoms 1999; Agnew 2006;
Nagin et al. 2009; Listwan et al. 2011; Morris et al. 2012). These strains, as with perceptions of
injustice, may be enduring (Listwan et al. 2011; Morris et al. 2012). For example, reduced
visitation may adversely affect ties to family and friends, creating strains that continue during
and after incarceration (Mears et al. 2012). In a similar vein, prison system reactions may result
in labeling certain inmates as “bad apples,” that is, as individuals who are somehow incorrigible.
These inmates in turn may act in ways that conform with such labels and may continue to do so

both during and after release from prison (see, e.g., Maruna 2001; Rhodes 2004).



Misconduct as an Indicator of Recidivism Risk

In contrast to these possibilities, prison misconduct in fact may not be criminogenic. Even
then, however, it may provide important information about recidivism risk. In so doing, it could
improve risk classification efforts, especially if an association between misconduct and
recidivism exists that is not fully captured by such traditionally used risk factors as prior record.
Recently, scholars have emphasized the need to improve risk prediction by incorporating
information about inmate experiences (Visher and Travis 2003; Nagin et al. 2009; Mears and
Mestre 2012). The reasoning in part is that the period of incarceration is one in which events,
experiences, and behaviors unfold that may affect recidivism (DeLisi 2003; Trulson et al. 2010).
Thus, if misconduct in prison predicts recidivism, it provides a convenient, readily available
source of information for improving risk classification. Indeed, as Trulson et al. (2011:210) have
argued, “indicators of institutional misconduct are often the most proximate recorded behaviors
demonstrated by delinquent offenders at their point of release from institutionalization.”
Accordingly, they may provide more relevant, up-to-the-minute information about the risk of
offending upon release from prison. As such, prison misconducts may indicate changes in the
likelihood of offending that are not well-captured by such static risk measures as prior record
(Mooney and Daffern 2011) and may, for example, capture inmate willingness, or a lack of
willingness, to change (Maruna 2012). In a related vein, misconducts may provide information
about a propensity to offend, one that, per importation theory, is brought into prisons and by

extension carried back into society upon release (Poole and Regoli 1983; Trulson 2007).

DATA AND METHODS

This study seeks to add to the growing body of research on ways in which prison experiences
may affect prisoner reentry and recidivism. Prior research suggests that misconduct, violent
misconduct in particular, may predict recidivism, but there remains a need to determine whether

this association holds among youth and adults, if indeed violent misconduct is more strongly



associated with recidivism, and if any estimated association holds after addressing potential
confounding factors that might bias such estimates. Accordingly, this study examines data on all
individuals, including male and female inmates, released from the Florida Department of
Corrections (FDOC) from November 1, 2000 to April 30, 2002 (N = 19,594) and uses propensity
score matching (PSM) to estimate whether individuals who commit misconduct while in prison
are more likely to recidivate during the three years after their release from prison, to assess
whether the effect is more pronounced for violent misconduct, and to determine whether the
misconduct-recidivism association varies among youthful offenders and adult offenders.! The
data are unique in that they provide a sufficiently large sample of cases to undertake the more
robust estimation provided through PSM analyses. They also include a large number of young
inmates, thus allowing comparison of the misconduct-recidivism association for these
individuals as compared to older inmates. The specific measures for each inmate come from the
Florida Department of Corrections’ Offender-Based Information System (OBIS), which provides
information on each individual’s demographic characteristics, disciplinary actions, and prior

criminal events. Each of the measures is described below.

Measures

Misconduct. We employ a propensity score matching methodology (described below), using
covariates to match individuals on their propensity to engage in prison misconduct. Prison
misconduct is measured as officially recorded disciplinary infractions recorded by the FDOC;
consistent with most prior research, these are reported, and not only convicted or sanctioned,
infractions. These events, recorded through OBIS, include all incidents in which inmates were
reported to have engaged in any of a wide range of rule violations during their entire term of
incarceration up to release, including violence (e.g., fighting, assault) and other acts (e.g.,
disobeying orders, possessing contraband, being in an unauthorized area). Officially recorded

misconduct is commonly used in prison studies; even so, infractions, especially non-violent ones,



may not always be recorded (Reisig 1998) and so the results should be interpreted with caution.
Our main focus is on estimating the effect of general misconduct (1 = misconduct, 0 = no
misconduct) and violent misconduct (1 = violent misconduct, 0 = no misconduct), respectively.

Recidivism. Recidivism is measured as a binary outcome, with “1” indicating a felony
reconviction for a new offense that led to a criminal sanction within three years of release from
prison. The Killias et al. (2006) review, conducted for the Campbell Collaboration, indicated
that recidivism studies most frequently use this measure because it ensures a focus on more
serious types of offending. In some cases, multiple measures of recidivism can be used (Maltz
1984), but there is little evidence that recidivism studies produce substantially different
predictive results when using different recidivism measures. A full three-year window after
release is used to ensure that the analyses do not include only those individuals most likely to fail
within a year or two of release (Kurlychek et al. 2006; Langan and Levin 2002). Survival
analyses can address this issue in part, but still do not well address the selection effects
associated with including primarily those inmates who fail early in the post-release period. For
the analyses, we examine any recidivism and four categories or recidivism, including violent,
property, drug, and other reconviction.

Matching covariates. As with any analysis, the ability to address selection bias depends on
the quality of the matching variables. Here, we include a wide range of matching variables
derived from the FDOC’s OBIS database and focus particularly on factors that have been
highlighted previously in prior research as important confounders (see, e.g., Steiner and
Wooldredge 2008; Loughran et al. 2009; Nagin et al. 2009; Steiner and Wooldredge 2009;
Trulson et al. 2010; Morris et al. 2012). These measures consist of factors typically associated
with misconduct and with recidivism (see, e.g., Visher and Travis 2003; French and Gendreau
2006; Kubrin and Stewart 2006). They include age (years), sex (1= male, O = female), race
(Black, Hispanic, and White dummy variables), sentence length (count, in months), the amount
of time inmates served in prison (count, in days), and prior record, including prior prison

commitments (count) and counts of prior convictions by type (violent, sexual, property, drug,



other). We also include a measure of inmate visitation to account for inmate social support and
community connections, as suggested in prior research on prison experiences and prisoner
reentry (see, e.g., Gordon and McConnell 1999; Wolff and Draine 2004; Jiang and Winfree
2006; Mears et al. 2012). In addition, we include dummy variables for each individual’s county

of offense to account for contextual factors that might affect misconduct and recidivism.

Research Design

This study uses a quasi-experimental research design, propensity score matching, to estimate
the effect of prison misconduct on recidivism. The fundamental idea is to address potential
selection effects through the matching procedure. More technically, the counterfactual approach,
increasingly common in the social and medical sciences, provides a next-best approach to an
experiment by matching individuals on the propensity of a given “treatment,” whether an
intervention or an event such as an infraction, to occur and then comparing outcomes for treated
and matched groups (see, generally, Rosenbaum and Rubin 1983; Apel and Sweeten 2010; Guo
and Fraser 2010). For the analyses below, we estimate average treatment effects on the treated
(ATT) where misconduct represents the treatment and where the counterfactual being assessed
is: “What would the likelihood of recidivism have been had inmates who engaged in or been
reported for misconduct instead not engaged in or not received a report of misconduct?” To this
end, we first created propensity scores using logistic regression and the matching covariates
described above to predict the conditional probability of engaging in misconduct, for the first set
of matching analyses, or violent misconduct, for the second set of analyses. The propensity
score models for the two types of misconduct, respectively, are provided in the Appendix A.2

Second, individuals who engaged in misconduct were matched based on propensity scores to
individuals who did not engage in misconduct. > The matching algorithm was implemented
using Stata 12°s PSMATCH?2 command. An important consideration in this second stage of

matching is whether balance between the two groups (i.e., the misconduct group and the matched
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no misconduct group) is achieved. The goal is to create matches such that the two groups are
similar with respect to the covariates, which in turn allows for the approximation of an
experimental design in which assignment to treatment is random. It does not eliminate the
problem of unobserved confounding but rather reduces the potential for confounding to bias
estimated treatment effects (Smith 1997; Winship and Harding 1999). The models are presented
in Appendix A* and the pre-balance and post-balance statistics, as well as the differences in

recidivism, are discussed below.

FINDINGS

We begin first by using propensity score matching to investigate the question of whether
misconduct is associated with recidivism. A central goal in conducting propensity score
matching analyses is to ensure that any differences between the treatment group and the
comparison group along dimensions other than treatment and the outcome are eliminated. The
goal, in short, is to eliminate confounding—covariate imbalance—that may bias estimated
treatment effects. Inspection of table 1 highlights that, prior to matching, there was substantial
covariate imbalance between the misconduct group and the unmatched prisoners who committed
no infractions, as reflected in the 7 test comparisons. For example, the misconduct group was
younger, served more time in prison, and was more likely to be convicted of robbery or burglary.

It also was more likely to be reconvicted of a new crime.’

Insert table 1 about here

After matching, we can see that balance was achieved across all covariates. That is, no
statistically significant differences between the misconduct group and the matched group
emerged for any of the matching variables. The improvement yielded by the matching is
reflected in the final two columns, which present standardized bias (SB) reduction statistics. As

Apel and Sweeten (2010:549) have observed, “the degree to which the SB is attenuated by
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conditioning on the propensity score provides some indication of the degree to which the
conditional independence assumption is satisfied.” For each covariate, bias was reduced
considerably, and the remaining bias was, as the next-to-last column highlights, trivial.

What, then, is the effect of misconduct on recidivism? Inspection of the top row indicates
that, even after adjusting for differences in the two groups by creating a matched sample, there
remains a statistically significant difference in recidivism. Specifically, 48 percent of ex-
prisoners who had engaged in misconduct recidivated compared to 41 percent of ex-prisoners
who had no history of misconduct. Smaller but still statistically significant differences between
inmates who engaged in misconduct and those who did not, respectively, surfaced for each type
of recidivism, including violent (10 percent vs. 7 percent), property (19 percent vs. 15 percent),
drug (23 percent vs. 20 percent), and other (15 percent vs. 13 percent). To assess the robustness
of these results, we conducted analyses using alternate caliper settings (e.g., .05, .001), alternate
matching specifications (1:1 and 2:1 with replacement), and different matching estimators (e.g.,
kernel-based). In each instance, the findings were substantively and statistically the same.®

When we focus our attention on violent misconduct, a similar pattern emerges, only the
effect of the misconduct on recidivism is more pronounced. Prior to matching, the group of
inmates who engaged in violent misconduct differed greatly from the inmates who did not do so
with respect to almost every covariate and also to recidivism. By contrast, the matching resulted
in a comparison group that was nearly identical to the misconduct group. For the violent
misconduct group and its matched counterpart, for example, no covariate imbalance remains, as
reflected in the lack of statistically significant covariate differences, the reduction in bias, and the
minimal remaining bias.

After matching, we can see that 54 percent of ex-prisoners who engaged in violent
misconduct recidivated compared to 42 percent of ex-prisoners who engaged in no misconduct.’
Here, again, smaller but still statistically significant differences surfaced for each type of
recidivism excepting drug reconviction. The differences in recidivism between inmates who

engaged in misconduct and those who did not, respectively, were as follows: violent (14 percent

12



vs. 8 percent), property (22 percent vs. 14 percent), drug (25 percent vs. 22 percent), and other
(16 percent vs. 13 percent). In short, violent misconduct appears to be more strongly associated

with recidivism in general and for violent, property, and other offending.®

Insert table 2 about here

One method for testing the robustness of the effect estimated using propensity score
matching is to conduct sensitivity analyses (Becker and Caliendo 2007).° A commonly used
approach consists of estimating Rosenbaum bounds, which indicate how large unobserved bias
would have to be to alter the results (Caliendo and Kopeinig 2008; DiPrete and Gangl 2004;
Morgan and Harding 2006). The measure, gamma, is an odds ratio. Sensitivity analyses for
each of the matching estimates described here revealed gamma scores ranging from 1.3 to 1.5.
Thus, the results are insensitive to bias that would increase the odds of misconduct by these
amounts, but are sensitive to bias that would increase the odds of misconduct by larger amounts
(Becker and Caliendo 2007:78). This assessment assumes that the omitted confounder would
have a strong effect on the outcome; if the effects on the outcome were weak, then there would
be little change in the estimated effect (DiPrete and Gangl 2004:291). Given that the Rosenbaum
bounds provide conservative estimates of sensitivity'°, the results of the sensitivity analyses, and
the range of confounders included in the analyses, the estimated effects appear to be robust.
Ultimately, however, as with other assessments of causal effects, unobserved confounding might,
if addressed, alter the assessment.

Another way of investigating the robustness of the results is to examine a count measure of
misconduct. Here, the focus is not whether any misconduct is associated with recidivism.
Rather, the focus is on a related question: Does the amount of misconduct have an effect on
recidivism? To answer it, we undertook three separate sets of analyses. Because our focus here
is to assess whether the main conclusion from the analyses of the binary measure of misconduct

is robust, we summarize the results of these different analyses. First, we used logistic regression
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and regressed recidivism on a count measure of misconduct and, separately, a series of
misconduct dummy variables (e.g., 0, 1, 2, 3, 4+), with the O misconduct group excluded as the
reference group. The results of these analyses consistently identified a statistically significant,
positive effect of misconduct on recidivism, with greater amounts of misconduct associated with
greater likelihoods of recidivism.

Second, we employed propensity score analyses in which we matched individuals based on
how many acts of misconduct they had committed, with matches drawn from those inmates who
engaged in no misconduct. The results, summarized in Appendix B, indicated again that
individuals who engage in greater amounts of misconduct recidivate more. Specifically, the
differences in recidivism among the matched groups were as follows (the treatment/misconduct
group percentage recidivism is shown first): one misconduct vs. none (46 percent vs. 41
percent), two misconducts vs. none (48 percent vs. 40 percent), three misconducts vs. none (49
percent vs. 41 percent), and four or more misconducts vs. none (57 percent vs. 44 percent).

Finally, we conducted generalized propensity analyses, which consist of an extension of
propensity score matching that allows for a count measure of treatment. This approach has been
used previously in studies of recidivism to account for potential selection bias related to a non-
binary treatment variable (e.g., Mears et al. 2012). We conducted analyses using a count
measure of all misconduct events and another set of analyses using a variety score measure based
on summing each type of misconduct in which a prisoner engaged. The results revealed
substantively identical findings to those discussed above. That is, inmates who engage in
misconduct are more likely to recidivate and the effect is greater among inmates who engage in
greater amounts or types of misconduct.'!

To this point, the results indicate that prisoners who engage in misconduct are more likely to
recidivate and that this effect is more pronounced among prisoners who engage in violent
misconduct. The ancillary analyses serve to highlight that the identified effects hold regardless
of whether misconduct is coded as a binary measure or a count measure. We next turn to the

remaining question of whether the effect holds equally for younger inmates and for adult
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inmates. Recall that some prior studies (e.g., Trulson et al. 2011) suggest that misconduct is not
linked to recidivism or that the association is weak. To investigate this issue, we divided the
matched samples into two groups, using the typical upper age of juvenile correctional system
jurisdiction, age 21 (Snyder and Sickmund 2006), as a dividing point. A particular advantage of
this approach is that it enables a more direct comparison to studies that have focused on juvenile
offender samples (e.g., Lattimore et al. 2004; Trulson et al. 2011). For each group, logistic
regression models were employed to determine if any misconduct (table 3) or violent misconduct
(table 4), respectively, predicted recidivism. Inspection of tables 3 and 4 indicate that there was
no statistically significant association between misconduct and recidivism for youth in the adult
prison system. However, there was a statistically significant association between the infractions
and recidivism for adult offenders both for any misconduct (odds ratio = 1.354, p<.001) and for

violent misconduct (odds ratio = 1.732, p<.001).

Insert table 3 about here

Insert table 4 about here

CONCLUSION

The large-scale increase in prisoner reentry as a social problem has led to a growing body of
research aimed at understanding the reentry process and the factors that give rise to such
outcomes as reduced recidivism. Recently, scholars have emphasized that despite the substantial
progress that has been made, there remains a pressing need to identify how prison experiences
may contribute to or be associated with recidivism (Nagin et al. 2009; Visher and Travis 2011).
One such experience, prison misconduct, remains understudied, as Trulson et al. (2011) and
others (e.g., Mooney and Daffern 2011) have emphasized. Prior scholarship suggests that
misconduct may create strains that in turn increase recidivism or that it reflects a change, one not

well-captured by static risk measures, such as prior record, in the likelihood of offending.
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However, previous studies have provided mixed evidence about the misconduct-recidivism link
and have not employed matching methodologies for addressing confounding. In addition, many
studies have focused only on youth or adults or on individuals released from a single facility.

The contribution of this research was to remedy these limitations in part and, in so doing,
provide a more robust test of the extent to which prison misconduct is associated with recidivism
and whether the effect varies between youth and adults. To this end, propensity score matching
analyses were undertaken with data on individuals released from Florida prisons. A central
strength of the study consisted of having access to a considerably larger sample of prisoners than
has been used in prior research and the attendant ability to undertake these types of analyses.

The results showed that, after matching, misconduct was associated with recidivism, and that
this effect was stronger for violent misconduct. The effect did not appear to be appreciably
different for specific types of recidivism. That is, by and large, misconduct contributed to all
types of recidivism, including violent, property, and other recidivism. Ancillary analyses
indicated that inmates who engage in greater amounts of misconduct are more likely to recidivate
even after matching. Finally, the results showed that adult offenders, but not youthful offenders,
who engaged in misconduct, violent misconduct in particular, were more likely to recidivate than
inmates who did not. Additional analyses indicated that the results were only modestly sensitive
to omitted variable bias and that the identified association arises net of other risk factors. The
study thus lends support to those studies and reviews that have identified a positive association
between inmate infractions, especially violent misconduct, and recidivism (e.g., O’Leary and
Glaser 1972; Hill 1985; Lattimore et al. 1995; Huebner et al. 2007). It also reinforces the results
of studies that have failed to identify significant or appreciable associations between the two in
samples of youth offenders (e.g., Trulson et al. 2011).

Taken together, results from this study and prior research suggest that the misconduct-
recidivism association bears further scrutiny. Several avenues of additional investigation warrant
particular attention. One consists of studies that examine how variation in the causes of

misconduct may affect the misconduct-recidivism relationship. For example, misconduct that
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arises from inmate perceptions that prison officers enforce rules unfairly or inconsistently may
involve more strain and frustration than misconduct that stems from conflict with other inmates.
The different types of sanctions associated with particular types of misconduct, too, may exert
different effects on recidivism. To investigate such possibilities will require data that provide
more detail—such as information about the events and strains leading up to, during, and
following infractions—than are typically available in correctional information systems (see,
however, Listwan et al. 2011). Even so, carefully designed inmate survey studies may allow for
closer investigation of the causal mechanisms that may give rise to the misconduct-recidivism
association. Such studies also hold the potential for determining whether the association is
causal or whether it stems from changes in individuals for which misconduct serves as a
measure. In the latter case, the studies will want to examine the precise changes, such as
exposure to criminogenic peers or cultures or to strains, that are associated with engaging in
misconduct and, in turn, recidivism (see, e.g., Morris et al. 2012). For example, inmates who
engage in violent misconduct may engender more hostility or mistreatment from prison officers,
creating a greater likelihood of strain and offending.

Another avenue for future research bears mention. This study examined youthful and adult
prisoners and found, consistent with several prior studies, little evidence of an association
between infractions and recidivism among younger offenders. The results here and in these
studies raise the question of whether correctional systems either treat or respond differently to
younger offenders. Research has established that younger prisoners are more likely to engage in
misconduct (Adams 1992; Gendreau et al. 1997). In the juvenile justice system, the greater
emphasis on rehabilitation (Feld and Bishop 2011) may function to minimize perceptions of or
actual unfairness during and after infractions and to lead to a greater focus on minimizing the
strains and frustrations that may follow from officially recorded misconduct. In the adult system,
younger inmates may receive similar treatment to that of their counterparts in the juvenile justice
system. In both cases, then, we would anticipate that there would be little to no relationship

between misconduct and recidivism. The assumption that younger offenders in adult prisons
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receive more preferential or rehabilitative treatment is not, however, supported by the few
studies of this population (see, e.g., Austin et al. 2000; Bishop and Frazier 2000). Even so, as
Mulvey and Schubert’s (2012) recent review found, little is known about the conditions of
incarceration for and the prison experiences of younger inmates. There is, accordingly, a need
for studies that can shed light on these different possibilities.

Finally, from a policy perspective, the findings here point to the potential importance of
using information about prison experiences, misconduct in particular, to assess recidivism risk.
Bushway and Apel (2012) recently argued for the importance of identifying signals that inmates
and ex-prisoners provide that can increase the ability of corrections officials to identify
individuals who are most likely to persist in offending. Misconduct may serve as one such
signal. As Trulson et al. (2011:726) have argued: “Involvement in institutional misconduct may
signal a risk for continuity in offending postrelease and, at the least, the need for heightened
attention to such offenders.” There is, in addition, the potential benefit of targeting the factors
that give rise to misconduct or the responses to misconduct (Adams 1992; Gendreau et al. 1997;
Bottoms 1999), which themselves may be criminogenic. Doing so through behavioral or
educational and vocational programs may reduce misconduct and disorder in prisons and at the
same time reduce recidivism (French and Gendreau 2006). Programming efforts alone may not
be necessary. Rather, administrative efforts to operate facilities in ways that promote inmate
perceptions of prison system legitimacy may reduce misconduct (Bottoms 1999; Reisig and
Mesko 2009). Regardless, it remains clear that prison misconduct stands as an important

dimension of the prison experience that merits closer attention.
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NOTES

!'We excluded inmates who served one month or less in prison (e.g., 1 or 2 days) because the
first month typically constitutes a transition period for screening and assessment prior to a final
prison placement. Ancillary analyses that included all of the inmates in the sample (i.e., did not
include this restriction) produced results that were substantively identical to those shown here.

2 We include, as an added control, fixed effects for the 67 counties in Florida but, to conserve
space and because they are not central to the discussion, do not report results for them here.

3 We used a .005 caliper and 1:1 nearest neighbor matching without replacement. Using a
narrow caliper setting ensured that treated individuals were matched to subjects from the
comparison pool who had nearly identical probabilities of having engaged in misconduct
(DiPrete and Gangl 2004). In addition, we used the non-replacement option to ensure that only
unique pairings were allowed.

* As recommended in the propensity score literature (see, e.g., Rosenbaum and Rubin 1983,
1984; Becker and Ichino 2002), we incorporated polynomial specifications in the propensity
models to attain balance on the covariates.

3 Prevalence estimates for prisoner misconduct in this study are 40 percent for any
misconduct (7,810/19,594) and 9 percent for violent misconduct (1,782/19,594). These
estimates accord with those in other studies (see, e.g., Steiner and Wooldredge 2008; Sorensen
2010; Bales and Miller 2012; see also Wolff et al. 2009; Sorensen et al. 2011).

® These analyses are available upon request.

" In ancillary analyses, we created a matched group from individuals who committed a non-
violent infraction to determine if using a different counterfactual would alter the results. The
findings were similar to those here, save that the effect was not quite as large. For example,
prior to matching, the general recidivism rates of the violent misconduct group and the matched
non-violent misconduct group were 54 percent and 48 percent, respectively. After matching,

they were 54 percent and 49 percent, respectively. The analyses are available upon request.
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8 The reviewers suggested conducting analyses that examined other types of misconduct. To
this end, we examined several other types, including property, disorderly, drug, other, and a
variety score that included these types and also violent misconduct. The matching analyses
produced findings that were substantively similar to those shown in the paper—that is, they
consistently found a positive and significant effect of misconduct on recidivism. Because of the
literature’s focus on the possibility that violent misconduct may exert a stronger effect on
recidivism and the consistent findings regardless of type of misconduct, we present only the
results shown in the paper. The additional results are available upon request.

¥ One reviewer suggested examining the approach used by Spivak and Damphousse (2006).
This approach consisted of creating a percentage of time served versus assigned sentence length.
Ex-prisoners with smaller percentages could be inferred to have behaved better while in prison
because of reduced time due to “good conduct.” This approach may be useful in contexts where
information about inmate misconduct is not directly available. However, in this study, the
association between misconduct and this percentage-of-time-served measure was weak (r = .25),
suggesting that the direct measure of misconduct may be preferable to this indirect measure.

10 DiPrete and Gangl (2004:291) have emphasized that a gamma of any given value “does
not mean that there is no true effect.” Instead, it “means that the confidence interval would
include zero if an unobserved variable caused the odds ratio of treatment assignment to differ
between treatment and control groups by [gamma] and if this variable’s effect on [the outcome]
was so strong as to almost perfectly determine whether the [outcome] would be bigger for the
treatment or control case in each pair of matched cases in the data” (p. 291; emphasis in the
original).

' We thank an anonymous reviewer for the recommendation to pursue this line of analysis.

Results for the full set of models for the three analyses are available upon request.
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Table 1. Any Misconduct: Average Treatment Effects on the Treated through Comparison of Unmatched and Matched Samples

Unmatched

Any Misc. (7,810) No Misc. (11,784)

Mean S.D. Mean S.D.
Outcomes
Reconviction - any 0.49 0.50 0.40 0.49
Reconviction - violent 0.11 0.31 0.07 0.25
Reconviction - property 0.19 0.39 0.15 0.35
Reconviction - drug 0.24 0.43 0.20 0.40
Reconviction - other 0.15 0.36 0.12 0.33
Matching Covariates
Age 28.97 9.26 34.31 9.70
Male (1/0) 0.88 0.33 0.88 0.32
White (1/0) 0.38 0.49 0.45 0.50
Black (1/0) 0.54 0.50 0.47 0.50
Hispanic (1/0) 0.08 0.28 0.08 0.27
Time served (days) 411.00 166.65 305.60 155.92
Sentence length (months) 2393  22.39 22.19  23.29
Offense - murder (1/0) 0.01 0.08 0.01 0.08
Offense - sex (1/0) 0.02 0.15 0.03 0.17
Offense - robbery (1/0) 0.06 0.24 0.04 0.20
Offense - other viol. (1/0) 0.14 0.35 0.13 0.34
Offense - burglary (1/0) 0.15 0.36 0.12 0.32
Offense - property (1/0) 0.19 0.39 0.19 0.39
Offense - drug (1/0) 0.32 0.47 0.34 0.48
Offense - weapons (1/0) 0.03 0.16 0.03 0.16
Offense - other (1/0) 0.08 0.28 0.11 0.31
Prior prison commit. (#) 0.77 1.35 0.94 1.48
Prior violent conv. (#) 0.79 1.59 0.78 1.55
Prior sex conv. (#) 0.05 041 0.08 0.50
Prior property conv. (#) 2.53 5.10 2.77 5.13
Prior drug conv. (#) 1.55 3.05 1.98 3.61
Prior other conv. (#) 0.55 1.26 0.65 1.40
Visits (#) 2.63 7.47 2.13 6.91
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Matched

Any Misc. (5,911) No Misc. (5,911)

Mean S.D. Mean S.D.
0.48 0.50 0.41 0.49
0.10 0.30 0.07 0.26
0.19 0.39 0.15 0.35
0.23 0.42 0.20 0.40
0.15 0.36 0.13 0.34
30.92 9.49 30.98 8.60
0.88 0.33 0.87 0.33
0.41 0.49 0.41 0.49
0.51 0.50 0.50 0.50
0.09 0.28 0.08 0.28
370.83 154.95 370.99 156.64
22.82 24.02 23.06 15.24
0.01 0.08 0.01 0.08
0.02 0.15 0.02 0.15
0.05 0.21 0.05 0.22
0.14 0.34 0.14 0.34
0.13 0.34 0.14 0.35
0.19 0.39 0.19 0.39
0.34 0.47 0.34 0.47
0.03 0.16 0.03 0.16
0.10 0.29 0.09 0.29
0.87 1.44 0.85 1.41
0.80 1.58 0.82 1.58
0.06 0.44 0.06 0.44
2.71 5.33 2.72 5.19
1.77 3.27 1.70 3.10
0.61 1.32 0.61 1.32
2.55 7.66 2.54 7.22

% % Bias
Bias  Reduct.
skkosk
skkosk
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-0.7 98.8
0.7 55.0
-1.5 88.9
1.2 90.5
0.5 57.6
-0.1 99.8
-1.0 86.3
04 -1224
-1.1 69.3
-1.2 86.2
0.0 97.4
-1.5 85.8
1.9 -62.0
0.2 96.4
0.3 -336
0.5 93.8
1.8 84.8
09 -431.6
-0.1 97.2
-0.4 92.4
1.9 85.2
0.2 97.2
0.1 98.0

* p<.05; ** p<.01; *** p<.001 (two-tailed); fixed effects for the state’s 67 counties are included.



Table 2. Violent Misconduct: Average Treatment Effects on the Treated through Comparison of Unmatched and Matched Samples

Unmatched Matched
Violent (1,782) No Misc. (11,784) Violent (1,506) No Misc. (1,506) % % Bias
Mean S.D. Mean S.D. Mean S.D. Mean S.D. Bias Reduct.
Outcomes
Reconviction - any 0.54 0.50 0.40 0.49  H*x 0.54 0.50 0.42 0.49  #**
Reconviction - violent 0.15 0.35 0.07 0.25 Hkk 0.14 0.35 0.08 0.27  Fx*
Reconviction - property 0.22 0.41 0.15 0.35 0.22 0.41 0.14 0.35  w**
Reconviction - drug 0.24 0.43 0.20 0.40  H*E 0.25 0.43 0.22 0.41
Reconviction - other 0.16 0.37 0.12 0.33 Hkk 0.16 0.37 0.13 034 **
Matching Covariates
Age 26.49 8.76 34.31 970  w** 27.68 8.93 28.08 7.83 -0.7 98.8
Male (1/0) 0.87 0.33 0.88 0.32 0.88 0.33 0.88 0.33 0.7 55.0
White (1/0) 0.31 0.46 0.45 0.50  *** 0.33 0.47 0.34 0.47 -1.5 88.9
Black (1/0) 0.61 0.49 0.47 0.50  *** 0.58 0.49 0.58 0.49 1.2 90.5
Hispanic (1/0) 0.08 0.27 0.08 0.27 0.08 0.28 0.08 0.27 0.5 57.6
Time served (days) 440.73 168.37 305.60 15592  Hx* 413.50 160.70 422.67 164.05 -0.1 99.8
Sentence length (months) 24.21 17.73 22.19 2329  w** 23.74  18.87 24.30 13.03 -1.0 86.3
Offense - murder (1/0) 0.01 0.09 0.01 0.08 0.01 0.09 0.01 0.09 -04 -1224
Offense - sex (1/0) 0.03 0.17 0.03 0.17 0.03 0.16 0.03 0.17 -1.1 69.3
Offense - robbery (1/0) 0.08 0.27 0.04 0.20  w** 0.07 0.25 0.07 0.25 -1.2 86.2
Offense - other viol. (1/0) 0.18 0.38 0.13 0.34 ok ok 0.17 0.37 0.16 0.36 0.0 974
Offense - burglary (1/0) 0.17 0.38 0.12 0.32  w** 0.16 0.37 0.18 0.38 -1.5 85.8
Offense - property (1/0) 0.17 0.38 0.19 039 * 0.17 0.38 0.17 0.37 1.9 -62.0
Offense - drug (1/0) 0.26 0.44 0.34 0.48 ke 0.29 0.45 0.29 0.45 0.2 96.4
Offense - weapons (1/0) 0.03 0.16 0.03 0.16 0.03 0.17 0.03 0.17 03 -336
Offense - other (1/0) 0.07 0.25 0.11 0.31 ke 0.07 0.26 0.07 0.26 0.5 93.8
Prior prison commit. (#) 0.69 1.30 0.94 1.48 HokE 0.77 1.36 0.77 1.35 1.8 84.8
Prior violent conv. (#) 0.86 1.73 0.78 1.55 * 0.87 1.73 0.87 1.56 -09 -431.6
Prior sex conv. (#) 0.04 0.33 0.08 0.50  ** 0.05 0.36 0.05 0.35 -0.1 97.2
Prior property conv. (#) 2.11 4.60 2.77 5.13 2.29 4.89 2.37 4.27 -0.4 92.4
Prior drug conv. (#) 1.19 2.59 1.98 3.61 Hokesk 1.37 2.77 1.41 2.92 1.9 85.2
Prior other conv. (#) 0.46 1.15 0.65 1.40 ek 0.51 1.21 0.52 1.19 0.2 97.2
Visits (#) 2.01 6.00 2.13 6.91 2.09 6.29 1.91 5.27 0.1 98.0

* p<.05; ** p<.01; *** p<.001 (two-tailed); fixed effects for the state’s 67 counties are included.



Table 3. Logistic Regression of Recidivism on Any Misconduct: Youth vs. Adultsd

Any misconduct (1/0)

Age

Male (1/0)

Black (1/0)

Hispanic (1/0)

Time served (days)
Sentence length (months)
Offense - murder/mansl. (1/0)
Offense - sex (1/0)

Offense - robbery (1/0)
Offense - other violent (1/0)
Offense - burglary (1/0)
Offense - property (1/0)
Offense - weapons (1/0)
Offense - other (1/0)

Prior prison commit. (count)
Prior violent conv. (count)
Prior sex conv. (count)
Prior property conv. (count)
Prior drug conv. (count)
Prior other conv. (count)
Visits (count)

County fixed effects
Constant

N
Pseudo R-squared
Log likelihood

Youth (21 and under) Adults (22 and over)
b SE OR b SE OR
0.16 0.10 1.179 0.30 0.04 1.354%%*
-0.08  0.04 0.927 -0.03 0.00 0.966***
0.88 0.22 2.423%%% 0.28 0.07 1.323%%%
091 0.12 2.483%#% 0.38 0.05 1.460%*%*
0.20 0.19 1.222 -0.20 0.09 0.815*
0.00  0.00 1.000 0.00 0.00 1.000*
-0.01  0.00 0.994 -0.01 0.00 0.993 %%
-1.52 0.82 0.218 -1.24 0.42 0.290%**
-0.83 041 0.435% -0.61 0.19 0.546**
-043  0.21 0.650* 0.07 0.12 1.072
-0.35 0.18 0.704* -0.36 0.08 0.697***
-0.27  0.16 0.761 0.19 0.08 1.206*
0.37 0.18 1.453% 0.27 0.07 1.306%**
-042  0.32 0.654 -0.05 0.14 0.955
022 0.23 1.246 0.34 0.08 1.402%*%*
0.36 0.17 1.436%* 0.22 0.02 1.240%**
0.07  0.05 1.075 0.01 0.01 1.015
0.21  0.19 1.238 0.07 0.05 1.070
0.01 0.02 1.009 0.02 0.00 1.016%**
0.08 0.03 1.081%* 0.05 0.01 1.053 %%
0.08 0.06 1.083 0.06 0.02 1.064%**
-0.02  0.01 0.980** 0.00 0.00 0.998
-1.05 1.45 — 0.38  0.37 —
1,985 9,813
0.104 0.083
-1231 -6147

a. Sample = treated and matched groups.

* p<.05; ** p<.01; *** p<.001 (two-tailed).



Table 4. Logistic Regression of Recidivism on Violent Misconduct: Youth vs. Adults@

Violent misconduct (1/0)
Age

Male (1/0)

Black (1/0)

Hispanic (1/0)

Time served (days)
Sentence length (months)
Offense - murder/mansl. (1/0)
Offense - sex (1/0)

Offense - robbery (1/0)
Offense - other violent (1/0)
Offense - burglary (1/0)
Offense - property (1/0)
Offense - weapons (1/0)
Offense - other (1/0)

Prior prison commit. (count)
Prior violent conv. (count)
Prior sex conv. (count)
Prior property conv. (count)
Prior drug conv. (count)
Prior other conv. (count)
Visits (count)

County fixed effects
Constant

N
Pseudo R-squared
Log likelihood

Youth (21 and under) Adults (22 and over)

b SE OR b SE OR
0.28 0.16  1.318 0.55 0.10 1.732%%%
0.02 0.06 1.021 -0.05 0.01 0.955%**
0.55 0.32 1.739 0.27 0.14 1.315%
1.21 0.19  3.350%** 0.50 0.12 1.644%*%

-0.06 0.30 0.941 0.04 0.20 1.038
0.00 0.00  0.999 0.00 0.00 1.000
0.00 0.01 1.000 -0.02 0.01 0.985%*

-1.09 0.98 0.336 -1.38 0.84 0.252
0.13 0.60 1.141 -0.36 0.35 0.697
0.23 0.32 1.263 0.13 0.23 1.141
0.03 0.27 1.030 -0.53 0.17 0.589**
0.10 0.26  1.108 0.34 0.17 1.406*
0.20 0.29 1.225 0.26 0.15 1.291
0.18 0.53 1.198 -0.57 0.30 0.566
0.10 0.40 1.183 0.54 0.20 1.714%*

-0.08 0.26 0.924 0.27 0.04 1.312%%*%
0.03 0.07 1.031 0.00 0.03 1.001

-0.29 0.39  0.750 -0.06 0.14 0.943
0.02 0.03 1.019 0.02 0.01 1.019
0.07 0.04 1.069 0.04 0.02 1.039%*
0.16 0.10 1.172 0.05 0.04 1.053

-0.03 0.01 0.974 -0.01 0.01 0.990

-0.29 1.45 — 0.39 0.85 —

863 2,110
0.120 0.116
-519 -1280

a. Sample = treated and matched groups.

* p<.05; ** p<.01; *** p<.001 (two-tailed).



Appendix A. Logistic Regression of Misconduct on Matching Covariates

Any Misconduct Violent Misconduct
b SE b SE

Age -0.07%%* 0.00 -0.11%%* 0.00
Male (1/0) -0.32%%* 0.05 -0.50%%* 0.09
Black (1/0) 0.06%+** 0.07 0.1 3%:%* 0.12
Hispanic (1/0) 0.12 0.04 0.42 0.07
Time served (days) 0.0]%** 0.00 0.0 %% 0.00
Sentence length (months) 0.00%** 0.00 -0.02%%* 0.00
Offense - murder/mansl. (1/0) -0.07 0.22 0.67* 0.34
Offense - sex (1/0) -0.24* 0.12 0.38 0.21
Offense - robbery (1/0) 0.24%* 0.08 0.62%** 0.13
Offense - other violent (1/0) 0.12* 0.06 0.62%** 0.10
Offense - burglary (1/0) 0.21%** 0.06 0.57%%* 0.10
Offense - property (1/0) 0.23%% 0.05 0.5 %% 0.10
Offense - weapons (1/0) 0.11 0.10 0.50%* 0.19
Offense - other (1/0) 0.05 0.06 0.29% 0.12
Prior prison commit. (count) 0.05%** 0.01 0.16%** 0.03
Prior violent conv. (count) 0.02 0.01 0.04* 0.02
Prior sex conv. (count) -0.02 0.04 -0.08 0.09
Prior property conv. (count) -0.01* 0.00 -0.02%% 0.01
Prior drug conv. (count) -0.03%** 0.01 -0.05%%* 0.01
Prior other conv. (count) -0.01 0.01 -0.05 0.03
Visits (count) -0.01%** 0.00 -0.03 %% 0.01
Time served (squared) 0.00%** 0.00 0.00%** 0.00
County fixed effects — — — —
Constant 0.28 0.98 0.04 1.57
N 19,561 13,519
Pseudo R-squared 0.147 0.250
Log likelihood -11228 -3951

* p<.05; ** p<.01; *** p<.001 (two-tailed).



Appendix B. Average Treatment Effects on the Treated: Recidivism of Four Misconduct Groups Compared to Matched Non-Misconduct Groups

Treated vs. Unmatched Groups

Treated vs. Matched Groups

Treated Treated Control Control Treated Treated Control Control
Mean S.D. N Mean S.D. N Mean S.D. N Mean S.D. N
1 misconduct 0.46 0.50 3,430 0.40 049 11,784 ** 0.46 0.50 3,414 0.41 049 3414
2 misconducts 0.48 0.50 1,557 0.40 049 11,784 ** 0.48 0.50 1,542 0.40 049 1,542
3 misconducts 0.49 0.50 781 0.40 049 11,784 ** 0.49 0.50 759 0.41 0.49 759
4+ misconducts 0.57 0.50 2,042 0.40 049 11,784 *** 0.57 049 1,522 0.44 0.50 1,522
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* p<.05; ** p<.01; *** p<.001 (two-tailed).



