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ABSTRACT

This paper examines whether receptive tourism has an impact on subjective poverty in host com-

munities in Peru. Controlling for household characteristics, as well as district, province, and region

characteristics, it is found—by means of linear probability models—that an increase in tourist pres-

ence in its province reduces a household’s probability of being subjectively poor. Following standard

practice in past literature, subjective poverty is defined in relation to subjective poverty lines de-

rived from answers to the “minimum income question.” Similarly, I explore the effect of tourist

presence on subjective relative poverty as defined by answers to the “economic ladder question.”

The effects of tourism exhibit the same direction in both cases. Finally, this paper reports tourist

presence statistics at the provincial, regional, and national levels, as well as subjective poverty and

subjective relative poverty statistics at the regional and national levels.
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CHAPTER 1

INTRODUCTION

Long gone are the days when poverty was understood as a condition solely measured in objec-

tive monetary terms. In the past few decades, economists have gradually incorporated quanti-

tative subjective considerations into poverty measurements; that is, they have used subjective

self-evaluations of individuals’ economic situations to construct subjective poverty lines. The idea

behind this, according to Pradhan and Ravallion (1998), is to find an intermediate approach be-

tween the objective-quantitative school and the subjective-qualitative school that have polarized

poverty analysis.

At the same time, though once excluded from it, the developing world has become the tourism

industry’s major growth area (Honey & Gilpin, 2009). This is the case of Peru, a developing

country whose receptive tourism industry has witnessed unparalleled growth for the last fifteen

years (see Figure 1).1 In 2002, the number of international tourist arrivals was 1.1 million, while

ten years later this figure increased to 2.8 million (Ministerio de Comercio Exterior y Turismo,

2013). Moreover, Peru has excelled in terms of growth in the tourism industry in relation to other

countries in the region: In 2013, it recorded an increase of 11.2% in international tourist arrivals,

leading the South American region, whose growth in terms of international arrivals averaged 2.6%

(United Nations World Tourism Organization, 2014).

This unprecedented touristic interest in Peru and other developing nations has led to scenarios

where poor populations are exposed to affluent tourists, and vice versa. In this context, it is

of interest to understand the economic, social, cultural, and environmental impacts of receptive

tourism on host societies. Considering the relative nature of poverty and the importance that past

studies have given to inequality as a determinant of subjective well-being and subjective poverty,2

this paper will focus on exploring the impact of receptive tourism on the subjective dimension of

1Receptive tourism exclusively consists of non-residents that travel in a given country. See Section 3.1 for an
explanation as to why this analysis focuses on this subset of tourism.

2See, for example, Alesina, Di Tella, & MacCulloch, 2003; Berg & Veenhoven, 2010; Herrera, Razafindrakoto, &
Roubaud, 2006; Oishi, Kesebir, & Diener, 2011; Schneider, 2012; Schwarze & Härpfer, 2007.
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Figure 1.1: International tourists arrivals 2003-2012 (in thousands of tourists) (MINCETUR,2013,
p. 27).

poverty in Peru. The basic question is whether the presence of foreign tourists has an effect on

subjective poverty in Peru, and—if this is the case—what the direction of the effect is.

1.1 Relevance and Research Strategy

The relevance of addressing this question is twofold. On the one hand, according to Benjamin,

Heffetz, Kimball, and Szembrot (2014), policymakers have begun to embrace subjective well-being

measures as a complement to more traditional well-being indicators (such as GDP) to guide policy.3

It is therefore only a matter of time until policymakers begin to address the relatively new concept

of subjective poverty in poverty relief plans. The effectiveness of these efforts will partly rely on the

3Countries that have taken initiatives toward the incorporation of subjective well-being indices in guiding policy
include the U.K.—whose Prime Minister stated in 2010 that it was time to shift attention from GDP toward GWB
(general well-being)—and Bhutan—the first country to develop the concept of Gross National Happiness (Benjamin
et al., 2014).
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understanding of the factors that determine subjective poverty. While past studies have identified

real income, inequality, education level and household size as some of the main determinants of

subjective poverty (see Herrera et al., 2006; Ravallion, 2012), this paper explores the effect of a

factor that has not been previously studied in relation to subjective poverty, namely international

tourist presence. Furthermore, most studies on subjective poverty have been conducted in OECD

countries (Pradhan & Ravallion, 1998); in fact, the only two papers that addressed this phenomenon

in Peru were published almost fifteen years ago. Hence, the present analysis examines a topic that

has been seldom explored in Peru, and at the same time evaluates, for the first time, the role of

tourist presence as a determinant of subjective poverty.

On the other hand, the importance of the research question becomes apparent in light of the

extant literature on the impact of tourism on host communities. The tourism industry recognizes

that positive perceptions of tourism on behalf of host societies are essential to tourist satisfaction

and, therefore, crucial to the success and sustainability of the sector (Andriotis & Vaughan, 2003;

Sharpley, 2014). Nevertheless, according to Sharpley (2014), past studies have not been successful

at enhancing our understanding of residents’ perceptions of tourism. This is mainly due to the

following shortcomings. Firstly, most studies on this topic have been conducted in the developed

world (Nunkoo & Gursoy, 2012); thus, “destinations with dominant tourism sectors and/or signif-

icant economic dependence on tourism and where residents may arguably be more sensitive if not

sensitised) to tourism have, to a great extent, been excluded from the research” (Sharpley, 2014,

p. 42). Secondly, Sharpley (2014) notes that most research has implicitly focused on domestic

tourism, as opposed to receptive tourism, where the cultural and economic distinctions presumably

play an important role in residents’ perceptions. Thus, “the wider relevance or applicability of much

of the research is questionable” (Sharpley, 2014, p. 42). Thirdly, while past studies address resident

attitudes toward tourism development and its impact, few papers specifically consider tourism’s

impact on residents’ well-being (Andereck & Nyaupane, 2010). The present paper—by exploring

the impact of receptive tourism on subjective poverty in a developing country—directly addresses

these three points.

In order to answer the research question, I develop tourist presence measures for each of the

195 provinces of Peru using the tourism statistics published by the Ministry of Foreign Commerce

and Tourism of Peru (MINCETUR, for its acronym in Spanish) and population data from the

3



census conducted by the National Institute of Statistics and Informatics (INEI, for its acronym in

Spanish). Similarly, I use the National Survey of Households (ENAHO, for its acronym in Spanish),

conducted by the INEI, to construct subjective poverty lines based on responses to the “minimum

income question,” henceforth MIQ, following standard practice in related studies.4 The MIQ asks

the individual to state the minimum income his/her household requires to make ends meet. In

addition, this paper also explores the research question from the perspective of subjective relative

poverty, which is defined by survey responses to the “economic ladder question,” henceforth ELQ.

The ELQ asks individuals to place their households in a ten-step ladder, where step one represents

poor households and step 10 rich ones.

I find that subjective poverty and subjective relative poverty—as calculated from the MIQ and

the ELQ, respectively—identify different individuals as falling below the poverty threshold, and

thus address non-redundant dimensions of well-being. In both cases, nevertheless, there is strong

evidence that suggests that the presence of international tourists has a beneficial impact in terms

of subjective (relative) poverty in Peru, i.e., a household’s probability of being subjectively poor

is reduced with an increase in the presence of tourism in its province. The effect on subjective

poverty is more statistically significant than that on subjective relative poverty.

The paper is organized in five chapters as follows. The remaining of Chapter 1 consists of

background information, which includes a brief description of pertinent facts about Peru and a

justification for the consideration of subjectivity in poverty analysis. Chapter 2 presents the related

literature on subjective well-being, subjective poverty, and tourism. Chapter 3, on methodology,

discusses the issues related to the measurement of tourist presence and subjective poverty. Although

it is not the focus of this paper to obtain national measurements of tourist presence or subjective

poverty, there has not been—to the author’s best knowledge—an attempt to measure the former

in this country and the first and last attempt to measure the latter occurred in 2002; therefore,

I will report the most informative calculations in the appendix. Chapter 4 analyzes the main

results obtained through econometric analysis. Finally, Chapter 5 provides concluding remarks

and suggests directions for future research.

4See MINCETUR (2014) and INEI (2009) for the tourism and population data used in this study, and (2014a)
for the ENAHO survey data.
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1.2 Background

1.2.1 Peru: Relevant Economic Facts

Peru is a developing nation whose population in 2013 was estimated to be 30,475,144 according

to the INEI (2009)’s official projections based on the 2007 national census. Its economy is expe-

riencing an unprecedented period of both political stability and economic growth: no coups have

occurred since 1992 and no recession has been recorded since 2001 (Central Intelligence Agency,

2014). According to the CIA’s World Factbook report, in 2013, Peru’s GDP (PPP) was $344 bil-

lion, its growth rate, 5.1% and its GDP per capita (PPP), $11,100. Yet, 25.8% of its population

lies below the poverty line and inequality—according to Peru’s Vice Minister of Economy, Defilippi

(2014)—continues to be a major social affliction, with the highest decile of the population con-

suming 36.1% and the lowest decile merely 1.4% of total household consumption (CIA, 2014). In

addition, business and labor formality has not increased on a par with economic growth: In 2012,

74.3% of Peru’s employed labor force had an informal job as the main source of income (INEI,

2014c).

In spite of Peru’s impressive macroeconomic figures over the last fifteen years, it has become

an issue of debate whether the country’s economic growth has been inclusive (Vega, 2013). While

Pastor Vargas (2007) demonstrates that—contrary to what is generally claimed—economic growth

in Peru has been inclusive, the country’s Vice Minister of Economy warns about the importance

of the population’s perception: People care about what they care about, and not about what they

should care about; regardless of whether the population’s opinion on an economic issue (such as

income inequality) is reasonable or not, this perception could lead to social conflicts and political

instability (Defilippi, 2014). It is in this context of sustained economic growth and general discon-

tent with the inclusiveness of this growth that the discussion of subjective poverty in Peru takes

on greater significance.

Due to the relation between subjective poverty and inequality found in related studies and

discussed in Chapter 2, this paper focuses on assessing the impact on subjective poverty of an

industry that—in a country like Peru—inevitably leads to the exposure of poor populations to

people with higher living standards. With over 3 million foreign tourists arriving every year to a

country of 30 million residents and a contribution to GDP of 3.84% (2013 figures), receptive tourism

has become the fourth largest industry in the nation (MINCETUR, 2013). A feature of tourism in
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Peru that makes it a particularly interesting case study is that some of the most touristic areas in

the country, like Puno, Cusco, and Loreto, happen to be among the poorest ones as well. This is

not a coincidence since tourists mainly travel to Peru to explore its pre-Hispanic culture—whose

history of oppression by extractive colonial institutions had a lingering negative impact on the areas

where it developed (Acemoglu & Robinson, 2012)—and/or its ecosystems in the Amazon, where

tourists are attracted by the lack of Western-style development.

1.2.2 A Justification for the Consideration of Subjectivity in Poverty Analysis

The multidimensional nature of poverty is now widely accepted among economists, and the

problem is now addressed from various angles such as health, education, safety, freedom, and

access to public services. In fact, the World Bank (2000)—whose mission states: “Our Dream is a

World Free of Poverty”—defines poverty as follows:

[A] pronounced deprivation in well-being, and comprises many dimensions. It in-

cludes low incomes and the inability to acquire the basic goods and services necessary

for survival with dignity. Poverty also encompasses low levels of health and education,

poor access to clean water and sanitation, inadequate physical security, lack of voice,

and insufficient capacity and opportunity to better one’s life.

This definition of poverty, which is similar to that of other organizations such as the United

Nations or UNICEF, emphasizes the relative nature of this phenomenon. That is, what is considered

“necessary for survival with dignity” or insufficient in terms of “capacity and opportunity to better

one’s life” changes across time and geographical locations. Furthermore, there is no reason to believe

that there is (or that there should be) a consensus of what these terms mean to each individual. It

is therefore no surprise that considerable attention has been given in recent years to the inclusion

of subjective considerations in poverty measurements.

To understand the underlying mechanisms that affect subjective well-being and determine sub-

jective poverty, we take an insight from psychology. Michalos’ Multiple Discrepancies Theory

(MDT) posits that an individual’s satisfaction is determined by comparing his current situation to

three thresholds: the situation of his peers (comparative gap), his situation in the recent past (his-

toric gap), and the situation he anticipated to be in (aspirational gap) (Michalos, 1985).5 This last

5See Section 2.2 for a more extensive account of the psychological mechanisms underlying subjective well-being
and subjective poverty.
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point reveals one of the main flaws of attempting to measure an individual’s well-being solely from

an objective perspective, and it is that no one but the subject in question has knowledge about the

aspirational gap. Furthermore, as explained in Section 2.2, subjectivity and self-perception play

crucial roles in determining the comparative gap.

Another reason that justifies the use of subjective considerations in poverty measurements is

that neglecting to do so leads to inconsistency in relation to the typical assumptions about an

individual’s well-being. Ravallion and Lokshin (1999) observe that “it is a paradox that when

economists analyze the welfare impacts of policies, they typically assume that people are the best

judges of their own welfare, yet they resist directly asking people themselves whether they are

better off. It is assumed instead that the economist knows the answer on the basis of objective

data on incomes and prices” (p. 1).

Finally, and perhaps most importantly from an economist’s perspective, individuals make deci-

sions based on their unique perception of reality. In other words, the same objective circumstances

are perceived differently by distinct economic agents, and these perceptions will most likely have

an effect on their decision-making. Consequently, it is crucial for economic and policy analysis to

not only consider the objective dimension of poverty but also to study how individuals apprehend

the economic reality they face (Diener, Suh, Lucas, & Smith, 1999; Herrera, 2002).

7



CHAPTER 2

RELATED LITERATURE

This chapter is a survey of the literature relevant to the research question, and it is organized in five

sections. Firstly, I present an overview of pertinent findings in the vast literature of subjective well-

being. Next, I examine what past research reveals about the mechanisms underlying subjective

well-being. The third and fourth sections focus on subjective poverty literature in general and

subjective poverty studies in Peru, respectively. Finally, I present the existing research on residents’

perception of tourism.

2.1 Subjective Well-Being Literature

Traditionally, economists have taken an axiomatic revealed preference approach to studying

utility. According to this approach, all the information required to infer the utility of outcomes

(in ordinal terms) is revealed by the observed choices made by individuals. Thanks to advances

in behavioral-decision theory, economists have come to understand that there are shortcomings

with exclusively using observed behavior to determine utility functions (Hsee & Hastie, 2006). The

subjective approach to utility has emerged in the last four decades as a complementary strategy

that, according to Stutzer and Frey (2004), “recognizes that everybody has his or her own ideas

about happiness and the good life and that the observed behavior is an incomplete indicator for

individual well-being” (p. 194).

Even though the subjective approach to the study of well-being by economists has come to

be known as “happiness economics,” Sacks, Stevenson, and Wolfers (2010) clarify that most of

the existing research in this field has focused on the variable “satisfaction with life” and not on

happiness in general. Subjective well-being is multifaceted; in fact, Lucas, Diener, and Suh (1996)

showed that life satisfaction, pleasant affect, and unpleasant affect are separable constructs. While

affect is associated with moods and emotions, life satisfaction involves a cognitive assessment of

well-being (Stutzer & Frey, 2004). Subjective poverty analysis follows this line of research by

studying the individual’s evaluation of his or her income and economic stance.

8



Since most studies about subjective well-being and subjective poverty rely on survey questions

that ask individuals about their assessment of some aspect of life satisfaction, it is crucial to ponder

whether individuals tend to give sensible answers that could be useful as a measure of well-being.

If this were not the case, then it would be misleading to consider subjectivity as a complementary

approach to the traditional objective path. On the one hand, Schwarz and Strack (1999) warned

about difficulties of handling subjective data due to its vulnerability to contextual factors such

as question wording and other framing effects. Several studies, on the other hand, have found

a robust correlation between answers to subjective well-being questions and objective measures

of well-being. For instance, Diener (1984) found that answers to subjective well-being questions

are correlated with physical evidence of well-being such as heart rate, electrical activity in the

brain, and propensity to laugh and smile. In addition, these subjective measures have proven to

be stable over time and to have a high test-retest correlation (Diener & Tov, 2007). Therefore,

although subjective data is susceptible to contextual factors that might, for example, complicate

cross-country comparisons, they convey meaningful information about an individual’s well-being.

If economists are to use self-reports of life satisfaction as measures of utility, they are faced

with the challenge of deciding which questions to ask individuals and how answers to different

questions should be weighted relative to each other. Benjamin et al. (2014) addressed this issue by

developing an index based on revealed preference analysis to estimate which fundamental aspects

determine well-being and what the marginal utilities of these aspects are. Although the survey that

was used to determine said marginal utilities was conducted in the United States and the results

may not be applicable to other societies, it is interesting to note—in terms of this paper’s research

question—that they found that “the extent to which your nation does things worthy of pride” is

among important determinants of subjective well-being, ranked 62 out of 108 policy aspects. On

the other hand, “how high your income is compared to the income of other people around you” was

at the bottom of the ranking as a determinant of well-being (Benjamin et al., 2014). This suggests

that income inequality may not be the most salient feature in residents’ perceptions about their

interaction with tourists, and that tourism—if seen as a source of national or regional pride—could

exert a beneficial effect on subjective well-being.

Even if income inequality turned out to be the defining feature of host-tourist relations in

developing countries, the existing literature is inconclusive as to what effect inequality poses on
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subjective well-being. Berg and Veenhoven (2010); Kingdon and Knight (2007); Ravallion and Lok-

shin (2010); Senik (2004) reported positive spillover effects from income inequality to subjective

well-being,1 whereas Alesina et al. (2003); Hagerty (2000); Oishi et al. (2011); Schwarze and Härpfer

(2007) have observed opposite effects. To explain this phenomenon, Schneider (2012) concluded

that what determines the effect of income inequality on subjective well-being is the “perceived legit-

imacy of the distributive outcome (perceived vs. preferred income inequalities) and the distributive

procedure (perceived social mobility)” (p. 1). This is in accordance with the findings of Benjamin

et al. (2014) that the marginal utility of “equality of opportunity” is considerably larger than that

of “equality of income.” Likewise, Alesina et al. (2003) argue that social inequality matters most

when it can harm one’s chances of future promotion. Assuming that residents have no judgment

about the legitimacy of tourists’ wealth, and that the latter does not hinder the former’s chances

of upward social mobility, this evidence suggests that the particular nature of inequality present in

host-tourist interactions should not pose a negative effect on the residents’ subjective well-being.

Finally, it should be noted that while subjective well-being and subjective poverty are related

concepts, they address distinct dimensions of overall welfare. The former asks for the much more

general concept of “satisfaction with life,” whereas the latter focuses specifically on the subjective

assessment of income. For instance, a wealthy individual might consider his or her income more

than sufficient, and is, therefore, not subjectively poor. However, this does not imply that said

individual is satisfied with his or her life. A positive assessment of one’s income will presumably

have a positive impact on subjective well-being, yet there are more factors that come into play

in determining “satisfaction with life.” The next section presents relevant literature in social

psychology that elucidates why individuals might have a positive or negative evaluation of their

income.

2.2 The Mechanisms Underlying Subjective Well-Being

Before reviewing the relevant literature on subjective poverty and detail the methodology fol-

lowed in this paper we turn to the field of social psychology in order to better understand the un-

derlying mechanisms of individuals’ subjective assessments of their economic situation. Economists

1Most of these studies were conducted in developing countries. A possible explanation is that social capital
mechanisms in poor communities drive the positive effect of a relative increase in neighbors’ income.
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that study subjective welfare, such as Stutzer and Frey (2004), have generally adopted the idea that

“people evaluate their level of subjective well-being with regard to circumstances and comparisons

to other persons, past experience and expectations of the future” (p. 194). This idea has its roots

in self-discrepancy theory and social comparison theory, which are the main focus of this section.

In 1967, Warner Wilson posited, “the degree of fulfillment required to produce satisfaction de-

pends on adaptation or aspiration level, which is influenced by past experience, comparisons with

others, personal values, and other factors” (Wilson, 1967, p. 302). This concept developed into

what came to be known as self-discrepancy theory. In 1985, borrowing ideas from the ancient

Greeks, Wilson (1967), Campbell, Converse, and Rodgers (1976), and others, Alex Michalos pro-

posed the Multiple Discrepancy Theory (MDT) (Diener et al., 1999). This theory is widely cited

by psychologists and economists studying subjective well-being. Michalos (1985) found that the

measures of discrepancies that arise through the comparative, historic, and aspirational gaps (see

Section 1.2.2) explained 53% of the variance in satisfaction and 43% of the variance in reported

happiness. The theory predicts that a discrepancy that involves upward comparison (where the

comparison standard is higher) will have a negative impact on satisfaction, whereas a downward

comparison will have the opposite effect (Diener et al., 1999).

Applying the MDT in the setting of income and utility functions, we observe that for a given

individual,

Ut = f(Yt, Y
r
t , Yt−1, Y

a
t , X) (2.1)

where Ut is the individual’s utility in period t and Yt, Y
r
t , Y

a
t stand for the individual’s income in

period t, some measure of the reference group’s income in period t, and the individual’s aspirational

income in period t, respectively. X represents other individual characteristics. The theory also

implies the following about marginal utilities:

∂Ut

∂Yt
> 0 (2.2a)

∂Ut

∂Y r
t

< 0 (2.2b)
∂Ut

∂Yt−1

< 0 (2.2c)
∂Ut

∂Y a
t

< 0 (2.2d)

While the MDT provides a theoretical framework for the determinants of subjective well-being,

the challenge social scientists now face is to identify the comparative factors that influence when

and how these factors affect well-being (Diener et al., 1999). In Section 2.1, for example, we saw

that some studies found that an increase in income of the reference group has a negative effect
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on subjective well-being (as the theory predicts), whereas other papers found the opposite effect.

That is, some empirical research suggests that the inequality (2.2b) does not necessarily hold, and

is reversed in certain cases. Beyond identifying relative income and inequality as a determinant of

subjective welfare, researchers, such as Senik (2004), are now analyzing what circumstances lead

to different effects of relative income on well-being.

Social comparison theory is a field that has made progress in understanding how the different

gaps identified by Michalos are affected by particular circumstances. Early models of social com-

parison argued that individuals should be happy if proximate others are worse off, and unhappy

if the opposite is true; yet, theories of social comparison have become more intricate since those

earlier models (Diener et al., 1999). Buunk, Collins, Taylor, and Van Yperen (1990), for instance,

reported that the directionality (upward / downward) of a comparison does not affect subjective

well-being in a consistent manner, and that either direction can potentially increase or decrease

reported happiness. Likewise, J. Brown and Dutton (1995) observed that individuals are selective

in terms of social comparisons: they tend to perform comparisons that will enhance their subjective

well-being, but shy away from those that will exert a negative impact.

A question that often arises in social comparison theory—one that is certainly relevant to

this paper—is who comprises the relevant reference group. In other words, what is an appropriate

measure of Y r
t in equation (2.1)? Once again, the inconclusiveness of the existing literature suggests

that the composition of the relevant reference group need not be uniform, and may vary according

to particular circumstances. On the one hand, Veblen Veblen (1899) argued that it is the richest

families that set comparison standards. Duesenberry (1949), on the other hand, posited that

consumption aspirations are driven by comparison against neighbors. Similarly, Kahneman and

Varey (1991) observed that comparisons are more salient whenever an individual perceives the

members of his or her reference group as similar to himself or herself. This interpretation can

explain an interesting phenomenon observed by La Ferrera, Chong, and Duryea (2012): Soap opera

characters were proven to be an important reference group in terms of fertility choices in Brazil,

yet it was shown that characters from imported TV shows—as opposed to those from national

ones—did not have a significant impact on fertility. In practice, the universal approach in the

economics literature is for the researcher to make a priori assumptions about the relevant reference
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group (Ravallion, 2012). In the present paper, I assume that international tourists are a potentially

significant reference group for local residents.

2.3 Subjective Poverty and Subjective Relative Poverty

Literature

In the context of subjective well-being analysis emerges the notion of subjective economic wel-

fare, which exclusively focuses on individuals’ perception of their economic well-being, as opposed

to the broader and more ambiguous concept of satisfaction with life. As part of the study of sub-

jective economic welfare, subjective poverty analysis can be traced back to at least the 1960s, and

it refers to the idea of letting individuals define themselves as poor or not poor based on their own

conception of poverty. The earliest instance I have been able to find of research that analyzes data

from responses to the “minimum income question” was conducted by Potter, Goudy, and Larson

(1969), yet it was not until the late 1970s that Goedhart, Halberstadt, Kapteyn, and van Praag

(1977) proposed a method of constructing subjective poverty lines based on responses to this ques-

tion. Their method has become standard practice in the field, and subjective poverty analysis has

grown in popularity since then.

Subjective poverty analysis through the study of MIQ responses implicitly assumes that income

aspirations—Y a
t in equation (2.1)—are a fundamental component of welfare. Moreover, it assumes

that the widening of the aspirational gap—borrowing terminology from Michalos’ MDT—has such a

negative impact on subjective well-being that it should be the defining factor of subjective poverty.

Before reviewing the main findings related to subjective poverty and its determinants, it is thus

critical to ponder whether responses to survey questions concerning income aspirations are sensible

and can therefore serve as some indicator of well-being. Stutzer and Frey (2004)—in agreement

with inequality (2.2d)—found that an increase on individuals’ income aspirations, as measured by

responses to the MIQ, have a negative effect on subjective well-being. Furthermore, they observe

that “an individual’s income aspiration can capture his or her concerns for relative income, as well

as his or her adaptation to a previous income level” (p. 202). In other words, the aspirational

gap could possibly be a function of the comparative and historic gaps. This evidence makes a

compelling case for the extensive use of the MIQ in subjective poverty literature, as responses

to this question would partially convey information from the three thresholds identified by the
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MDT. This paper, however, addresses the comparative gap independently by defining the concept

of subjective relative poor based on responses to the “economic ladder question.” Future research

could employ panel data to isolate the effect of the historic gap—inequality (2.2c)—on subjective

well-being.

Although the details are discussed in Section 3.2.1, the idea behind constructing social subjective

poverty lines—according to Ravallion (2012)—is to allow for heterogeneity in the MIQ responses:

for instance, individuals with the same standard of living may give different responses due to

mood effects, personality traits, or errors. Hence, unlike subjective well-being studies that employ

the “satisfaction with life” question, it is not an individual’s self-report that is taken to be the

relevant metric in subjective poverty analysis, but rather the responses of a defined population

that are calibrated in order to allow for interpersonal comparisons (Ravallion, 2012). The main

difference between subjective poverty lines and objective ones is that the former let the population

in question decide what is deemed to be the minimum income below which an individual would be

considered poor. The reference population whose responses will determine the subjective poverty

line is defined on a priori grounds, and thus an individual could be considered subjectively poor in

his or her province, but not with reference to his or her country, and vice versa. In this paper, I

construct social subjective poverty lines for each of the twenty-five regions of Peru and one for the

country as a whole.

Past research has shown that the determinants of subjective poverty do not necessarily coincide

with those of objective poverty; in fact, certain factors have been found to exhibit opposite effects

on these two definitions of poverty. Herrera (2002); Ravallion (2012); Razafindrakoto and Roubaud

(2005) reported that while household size is associated with a higher risk of objective poverty, this

variable has the opposite impact on subjective poverty, at least in developing countries. According

to Herrera (2002), a plausible explanation for this phenomenon is that being surrounded by a

large family, being able to realize one’s dreams through one’s children, and not feeling socially

excluded are important components of households’ aspirations. Consequently, households limit

their monetary aspirations when subjective nonmonetary aspirations are already fulfilled (Herrera,

2002). In the context of the present study, an analogous explanation for the beneficial impact of

tourism on subjective poverty in Peru is that tourist presence may fulfill certain aspects of residents’
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social aspirations, such as the need for social connections, recognition, and status. This, in turn,

could compensate for monetary aspirations.

The studies of subjective relative poverty, which generally employ the “economic ladder ques-

tion,” have been less systematic in terms of methodology. al Srur (2014); van Edig (2006), for

example, differentiate between objective relative poverty—which is measured by subsistence crite-

ria or income-related methods based on a reference group—and subjective relative poverty—which

is measured by interviews of how an individual ranks himself or herself in relation to a self-defined

reference group. Yet, both recognize that it can be rather difficult to interpret the latter’s results.

To address this topic, Micevska, Sazcuk, and Stark (2007) take the straightforward approach of

asking individuals whether they think their household’s income is higher, the same, or lower than

that of other households in the neighborhood, and thus label as “subjective relative poor” those

who answer “lower.” A more common approach is that taken by Falkingham and Klytchnikova

(2006); Powdthavee (2009); Ravallion and Lokshin (2001), who use responses to the ELQ—which

asks households to place themselves in a ten-rung ladder—to determine subjective relative poverty:

individuals that place themselves in the lowest two rungs are usually labeled as subjective relative

poor.

The ELQ is not a direct measure of well-being, instead it measures an individual’s perception of

economic status. As such, it provides information about whether the respondent is feeling richer or

poorer than his or her self-defined reference group (Ravallion & Lokshin, 2002). A natural question

of interest then is whether rank within a reference group matters in terms of subjective well being;

in other words, is rank and its perception—as revealed by responses to the ELQ—an appropriate

measure of the comparative gap? Parducci (1995) posits that the ordered position of an individual

within a ranking is fundamental to the individual’s well-being due to status effects. Similarly,

Powdthavee (2009) argues that human beings show deep interest in rankings (of universities, sports,

and academic journals, for example), and that this interest seems to go beyond the provision of

information. In an empirical study, G. Brown, Gardner, Oswald, and Qian (2008) reported that

employees’ well-being is largely determined by their wage rank within the workplace. In light of the

importance of rank as a determinant of well-being, this paper studies the effect of tourist presence

on subjective relative poverty. The precise definitions of subjective poverty and subjective relative

poverty used in this study are detailed in Section 3.2.1 and Section 3.2.2, respectively.
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2.4 Subjective Poverty Studies in Peru

There are few studies that address the subjective dimension of poverty in developing nations.

There have been, to the author’s knowledge, only three papers written about subjective poverty

in Peru. The first one, by Monge and Winkelried (2001), attempts to measure poverty using

subjective considerations; nevertheless, it relies on a survey that is very limited in geographical

scope (it only encompasses four out of the twenty-five regions that make up the country) and

only considers households in extreme poverty. The following year Javier Herrera—together with

the Instituto Nacional de Estadstica e Informática (INEI) and the Institut de Recherche pour le

Développement (IRD)—developed the first report on poverty in Peru that included a section about

subjective poverty measurements (Herrera, 2002). This time, a national survey that is conducted

every year by the INEI and whose sample is representative at the regional level was used.2 Finally, in

2006, Javier Herrera—in association with Razafindrakoto and Roubaud—carried out a comparative

analysis of the determinants of subjective poverty in Peru and Madagascar (Herrera et al., 2006).

A common finding in the three studies mentioned above is that inequality is a significant deter-

minant of subjective poverty. Nevertheless—just as in the studies outside Peru—there is contra-

dicting evidence regarding whether this effect is positive or negative. On the one hand, Monge and

Winkelried (2001) observe that in urban Peru 26% of individuals with incomes above the objective

poverty line consider themselves poor, while in rural areas 31% of individuals with incomes below

the objective poverty line do not see themselves as poor. This phenomenon is explained by the

higher degree of inequality present in urban areas. Monge and Winkelried argue that poor house-

holds living in urban areas (the most developed areas in the country) feel poorer, while individuals

living in rural areas, where there is less inequality, face “poverty shared by everyone.” This results

in a less dramatic alteration of social relations between individuals. That is, the impact of poverty

for an individual is reduced when his or her peers are equally poor (Monge & Winkelried, 2001).

In terms of Michalos’ discrepancies theory, inequality was found to widen the comparative and

aspirational gaps, thus increasing cognitive dissonance and reducing subjective well-being.

On the other hand, in their comparative study, Herrera et al. (2006) found evidence that suggests

the opposite. In contrast with Madagascar—where higher levels of inequality were found to have a

negative impact on subjective well-being—in Peru “households have greater subjective satisfaction

2The yearly survey is Encuesta Nacional de Hogares (ENAHO). The present study uses data from the 2013 survey.

16



in terms of well-being when they live in areas with greater inequalities, probably due to the nature

of social mobility and the configuration of the country’s large cities” (p. 22). They argue that this

is due to “the stigma of uniformly poor areas and the prestige associated with neighborhoods with

strong inequalities” (p. 23). That is, less wealthy households benefit from the prestige of living in

wealthier areas. Furthermore, it is conceivable that in Peru—due to cultural factors—the positive

effect of being able to find someone who is worse off is greater in magnitude than the negative

impact of encountering people that are better off. As Herrera et al. (2006) suggest, the latter

might be compensated by the prestige factor. There are two possible explanations in reference to

the MDT: (1) Either this suggests that the marginal utility of the reference group’s income (see

equation (2.2b)) is actually positive in this context, contradicting the MDT’s assumptions, or (2)

there is a third variable correlated with both higher income inequality and subjective poverty that

is driving the observed phenomenon.

2.5 Literature on Residents’ Perceptions of Tourism

Even though the present paper focuses solely on the Peruvian case, the issue addressed is

relevant at the international level since the characteristics of receptive tourism in Peru described

in Chapter 1 are not unique to the South American country. In fact, the encounter of tourists

and poor populations is a common trait in developing nations. According to the (United Nations

World Tourism Organization, n.d.), “arrivals to developing countries accounted for 46% of the total

international arrivals in 2011. . . In some developing countries, notably small island states, tourism

can account for over 25% of GDP” (para. 5). Moreover, the last thirty years have seen a growing

interest in slum tourism in terms of its practice and the intellectual debate around it (Frenzel,

2013). Slum tourism, also known as poverty tourism, has been defined as “the transformation

of impoverished neighborhoods into valued attractions for international tourists. . . [where] selected

and idealized aspects of poverty are being turned into a touristic commodity for consumption”

(Freire-Medeiros, 2013, p. 4). The debate around this controversial practice has recently shifted

toward addressing the positive and negative qualitative (non-monetary) effects of slum tourism.

From an objective perspective, tourism exerts both positive and negative effects on residents’

quality of life. On the one hand, residents indirectly benefit from the development of tourism

products such as restaurants, parks, festivals, and museums, for example (Andereck & Nyaupane,
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2010). In addition, tourism creates jobs and provides tax revenues that could potentially result

in better public services for the community. On the other hand, tourism development can be

detrimental to residents’ quality of life through increased crowding, traffic, crime, as well as changes

in residents’ way of life (Andereck & Nyaupane, 2010).

Due to the nature of this paper, we are more concerned with residents’ subjective perceptions

of tourism rather than the objective impact of touristic activity on host communities. In terms

of residents’ subjective evaluations, most of past research has focused on residents’ perceptions on

tourism’s impacts rather than their perceptions of tourism and tourists. Sharpley (2014) notes that

attitudes toward tourism development, which have dominated most studies, do not necessarily coin-

cide with attitudes toward tourists. While past research has attempted to find correlations between

demographic variables and residents’ attitudes toward tourism, the only consistent predictor of such

perceptions has been found to be employment in the tourism sector, with residents who depend

on tourism having a more positive perception (Andereck & Nyaupane, 2010). For instance, Pizam

(1978) observed a positive correlation between dependence for Cape Cod’s residents’ livelihood on

tourism and their attitudes toward it.

In a study conducted in Arizona, Andereck and Nyaupane (2010) used survey questions to

construct a “Tourism and Quality of Life” index that assigned a score to certain community char-

acteristics according to how important residents perceive them to be as determinants of their own

quality of life, and according to whether they believe tourism has a positive or negative effect on

said characteristic. Thus, characteristics that were deemed to be “extremely important” and that

“tourism greatly increases” were given the highest scores, whereas items that residents perceived as

“extremely important” that “tourism greatly decreases” were assigned the lowest scores. “Plenty

of retail shops and restaurants,” “plenty of festivals, fairs, museums,” “the image of my community

to others,” and “city services like police and fire protection” placed at the top of the index. At

the other end of the spectrum, “traffic,” “crowding and congestion,” “litter,” “urban sprawl and

population growth,” and “crime and vandalism” were the only out of thirty-seven characteristics

that residents considered to be worsened by tourism (Andereck & Nyaupane, 2010). According

to this index, residents—in Arizona, at least—perceive the positive impacts of tourism on their

quality of life to outweigh the negative ones (Andereck & Nyaupane, 2010).
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As we have seen in Section 1.1, research on residents’ perceptions of tourism is very limited in

geographical scope (focusing mainly on developed countries) and it has been restricted to domestic

tourism. Furthermore, the analysis itself has targeted residents’ reactions to tourism development

through survey questions. While this approach is appropriate for tourism management researchers,

who may want to evaluate the potential success of developing the tourism industry in a particular

location, it poses a problem if the research aims at understanding residents’ true perceptions.

Sharpley (2014) warns, “the responses of local people to tourists, particularly those engaged in

the tourism sector, are more likely to be conditioned by the commercial basis of their encounters

with tourists rather than reflecting their actual attitudes towards them” (p. 39). In other words,

survey questions that directly ask about residents’ opinions on tourism may elicit rationalized

preferences as opposed to true perceptions. It is thus valuable that the present research question is

not addressed directly through surveys about tourism, but instead relies on cross-sectional data to

indirectly measure the effect of tourism on a specific dimension of well-being: subjective poverty.

To sum up, there is extensive literature in economics about subjective poverty and its deter-

minants. These papers emphasize inequality as a relevant factor in subjective well-being analysis.

At the same time, tourism in developing countries exposes poor populations to higher degrees of

inequality and, while the non-monetary impact of touristic activity in the subjective well-being

of these communities is a hotly debated issue, the attempts at measuring this impact have been

inconclusive and non-generalizable due to the limited nature of past research. The present paper

aims to present evidence that will help elucidate whether the inequality generated by tourism in

developing nations has a negative impact on subjective poverty or if there is an opposite effect due

to particular features in the nature of tourism.
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CHAPTER 3

METHODOLOGY

The present study uses data from the MINCETUR and the official 2013 population estimates (based

on the 2007 national census) to calculate tourist presence measurements. On the other hand, the

ENAHO survey, conducted by the INEI, will be used to obtain measurements of subjective poverty

and well-being. The present analysis employs 2013 data unless otherwise stated.

3.1 Measuring Tourist Presence

Peru is currently divided in twenty-five regions and each region is subdivided in several provinces,

adding up to a total of 196 provinces.1 The MINCETUR publishes monthly statistics on the number

of arrivals, duration of stays, and number of check-ins of residents and non-residents in all hotels

in the country. The present analysis exclusively considers non-resident tourists for two reasons.

Firstly, the effect of receptive tourism need not be the same as that of internal tourism. This paper

considers tourism as a source of inequality in developing countries, and while this is a reasonable

assumption when dealing with foreign tourists—who mainly travel for vacation or business—it is

not necessarily true for local tourists. Secondly, the data is cleaner in the case of foreign tourists. I

am using hotel check-ins and overnight stays as a proxy for tourist presence in a province, and it is

more likely that Peruvian tourists manage to travel around the country without staying at hotels

or by staying at informal hotels that do not report to the MINCETUR.

I use two methods to measure receptive tourist presence in each province and in each region. For

the purpose of this analysis, it is important that the measures of tourist presence used capture—to

a certain extent—the likelihood that a local resident will interact with a foreign tourist. Hence,

instead of taking the unadjusted number of international arrivals to each province/region as a

measure of tourist presence, I consider non-resident tourists as a share of total population in the

1The present analysis only considers 195 provinces, since the data used does not account for the recently constituted
province of Putumayo.
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province/region, on an average day:2

TourismPresence onAverageDay =
Total Overnight Stays

365

Total Overnight Stays
365

+ Population
× 100 (3.1)

The numerator of equation (3.1) gives the number of tourists present in a province on an average

day. That is, if there were 365 overnight stays on a given province, there was one tourist on an

average day in that province. These figures were calculated for each region and province in the

country, and they are presented in Column (A) of Table A.1 and Table A.2, respectively. Figure

A.1 and Figure A.3 show maps that illustrate the information presented in these tables. I then

calculate what percentage of people present in the province were tourists, assuming that population

was constant throughout the year.3

Following this method, we observe that, on an average day in 2013, 0.14% of the people in

Peruvian territory were nonresident tourists. To put this in perspective, the figure is approximately

0.01% in India, 0.2% in Japan, 0.56% in the United States, and 9% in the Bahamas, as estimated

by Silver (2014).4 Column (B) of Table A.1, illustrated by Figure A.2, in the appendix presents the

results for each of the 25 Peruvian regions. For the calculations at the province level, see Column

(B) of Table A.2 and Figure A.4.5

It should be noted that this indicator of tourist presence makes no distinction between one

tourist that stays in a province for (say) ten nights and ten different tourists that stay for only one

night each. Therefore, I will also calculate a second measure of tourist presence that considers the

number of check-ins on an average day as a percentage of the province/region population:

Check-Ins% onAverageDay =
Y early Check-Ins

365

Y early Check-Ins
365

+ Population
× 100 (3.2)

2Future research should work on improving this measure to better reflect the likelihood of interaction between
tourists and local residents. The area of the region, for example, could be taken into account in this measure. Yet,
it was not included in the present analysis because a smaller area does not necessarily increase the likelihood of this
interaction taking place, since the distribution and density of local population and touristic activity need not be
homogenous across regions.

3Note that the “Total Overnight Stays” is the actual number as reported by hotels to the MINCETUR in 2013,
while the population data are official 2013 estimates made by the INEI based on the last national census (2007).

4Silver (2014) estimated this variable for several countries at the national level only. However, he did not use hotel
stays data to calculate duration of stays. Instead, he assumed that the average international trip worldwide lasts
seven days and then employed data on annual amount of tourism income in each country to estimate the number of
tourists present on an average day.

5The MINCETUR does not provide data for each of the provinces in the Lima region, so calculations can only be
made at the regional level in the case of Lima.
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See Column (C) of Table A.1 and Table A.2, for the figures at the regional and provincial level,

respectively.

Making the simplifying assumption that most tourists do not check in multiple times a year

in the same province, this indicator will only account for the presence of distinct tourists. This

consideration might be important if we suspect that the development of prolonged interactions

between the same people plays a significant role in the self-perception of poverty. Nevertheless,

the ranking of regions and provinces generated by these two figures are very similar (see Table

A.3): Spearman’s test reveals a rank correlation of 0.99 for the provinces and 0.98 for the regions,

rejecting the null hypothesis of independence at 0.001%.6 In fact, 80% of the regions’ positions

in both rankings do not differ by more than one place, and over 70% of the 185 provinces do not

change rankings by more than five positions when sorted by these two measures. Therefore, the

analysis using this second measure of tourist presence will be left for the appendix.

3.2 Measuring Subjective Poverty

The most common questions used in the literature to measure subjective poverty are the “mini-

mum income question,” first studied by Goedhart et al. (1977), and the “economic ladder question,”

based on Cantril (1965)’s self-anchoring striving scale and first examined by Ravallion and Lokshin

(2001) in relation to subjective poverty. The present paper will adhere to this practice. The MIQ

asks the individual to state the minimum income his/her household requires to make ends meet, and

the ELQ asks him/her to place his/her household in a ten-step ladder, where step one represents

poor households and step 10 rich ones. While the MIQ addresses the aspirational gap of Michalos’

Multiple Discrepancy Theory discussed earlier, the ELQ deals with the comparative gap.

3.2.1 The Minimum Income Question

The MIQ, as translated from the ENAHO survey, asks heads of households the following:

What is your estimate for the minimum monthly income your household requires to live

on? (Consider food, clothing, health, education, transportation, etc).

6 Spearman’s test is a non-parametric test for independence. Spearman’s coefficients of 1 and -1 indicate perfect
positive and negative rank correlation, respectively.
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Let’s denote the answer to this question in Nuevo Soles, the Peruvian currency, as the Subjective

Minimum Income, henceforth SMI.7 In addition, the ENAHO has data on the actual after-tax

income (y) reported by the survey respondent. We can then define the following binary variable:

Subjective Poor =

{

1 if y < SMI

0 if y ≥ SMI
(3.3)

In this case, the SMI serves the function of an individual subjective poverty line for each

household. According to this first measure, 48.9% of Peruvian households were subjectively poor

in 2013. It should be noted that, as reported by the INEI (2014b), the monetary poverty incidence

in 2013 was 23.9%, as measured by comparing real per capita spending to the accepted poverty line

for that year (292 Nuevos Soles per capita per month). These figures represent a drastic change

from those of 2001: In this twelve-year period, monetary poverty decreased from 54.8% to 23.9%

(INEI, 2011, 2014b), whereas the national subjective poverty incidence in 2001 was calculated to be

35.1% (Herrera, 2002). This figure, however, was obtained by comparing the SMI to real spending.

If we take Herrera’s approach, the subjective poverty incidence in 2013 would be 54%. See Table

B.1 in the appendix for the subjective and objective poverty incidence in each region.

A potential problem with the variable definition in equation (3.3) is that heads of households

could approach the MIQ from two different perspectives. On the one hand, respondents could

evaluate their household’s fundamental needs regardless of their income level. On the other hand,

respondents could be influenced by their current consumption level and also take aspirational

factors into consideration (Herrera, 2002). The positive correlation coefficients between subjective

minimum income and real income and real spending (see Table 3.1 below) reveal the relative nature

of the MIQ’s interpretation. In fact, several studies have found a positive and linear relationship

between the MIQ and the household’s log-income.8

My findings coincide with those of Herrera (2002) in that the correlation between SMI and

the objective welfare measures is considerably lower in rural areas compared to urban areas. A

plausible explanation is that the SMI depends not only on the respondent’s income but also on

factors such as inequality and mean income of the province or region where he or she lives.

Due to the heterogeneity in the interpretations and estimations of the MIQ by the respondents, it

has become common practice in the literature to define “social subjective poverty lines,” henceforth

7All income, SMI, and spending data has been adjusted to Lima prices using the spatial deflators provided by
the ENAHO.

8 See Goedhart et al. (1977); Colasanto, Kapteyn, and van der Gaag (1984); Danziger (1984); Stanovnik (1992).
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Table 3.1: Pearson Correlation Coefficients Between SMI and Objective Welfare Measures

SMI and Real Income SMI and Real Spending

National 0.51 0.54
Urban 0.48 0.50
Rural 0.36 0.43

SPL’s, through econometric estimation. I now detail the method for the calculation of these poverty

lines, as delineated by Goedhart et al. (1977); Colasanto et al. (1984).

Definition of a Subjective Poverty Line. To begin with, we make the simplifying assump-

tion that an individual’s SMI is only a function of his/her income (y) and family size (fs). That

is,

SMI = f(y, fs) (3.4)

This function has been found to be monotonically increasing and concave (Goedhart et al., 1977).

Further, assume that, for a given family size, there exists an income level y = SMI∗ such that

SMI∗ = f(SMI∗, fs) (3.5)

That is, for a given family size, there exists a household whose income is the absolute minimum

income the household needs to make ends meet. We then define SMI∗ as the social SPL. Figure

3.1 illustrates this concept.

Goedhart et al. (1977) proposed the following thought experiment to explain the use of SMI∗ as

a poverty line. Consider a household whose income is higher than SMI∗, if this household’s income

were reduced to what its SMI would be, then its new income would be perceived as absolutely

minimal. Nevertheless, with time the household will get used to this situation and would develop

a new lower SMI. This situation will continue until the household’s income equals SMI∗, the

intersection between equation (3.4) and the 45° line SMI = y, which we define as the social SPL.

De Vos and Garner (1991) posit that “only people whose incomes are equal to their minimally

necessary incomes have realistic pictures of this minimum income level. Respondents with more

income are likely to overestimate their minimally necessary income while those with less income

are expected to underestimate it” (p. 269).
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Figure 3.1: Definition of Social SPL. Adapted from Pradhan and Ravallion (2000)

Estimation of the Social Subjective Poverty Line (SMI∗). In previous studies, the

function f in (3.4) has been estimated with the following log-log model:

ln(SMI) = β0 + β1ln(fs) + β2ln(y) + u (3.6)

where u is a well-behaved error term.

Ignoring the error term and combining (3.4), (3.5), and (3.6), I calculate the social SPL. That

is, for a given family size fs0, I find the intersection between the line ln(SMI) = [β0+β1ln(fs0)]+

β2ln(y) and the 45 line in ln(SMI) - ln(y) space:

ln(SMI∗) = β0 + β1ln(fs) + β2ln(SMI∗) (3.7)

SMI∗ = e
β0

1−β2 fs
β1

1−β2 (3.8)

Since the ENAHO survey is not representative at the provincial level, I calculate a social SPL

for each of the twenty-five regions. According to this second measure of subjective poverty, 45.8%

of Peruvian households were subjectively poor in 2013. In addition, performing this calculation at

the country level produces a national SPL of approximately 1,400 Nuevo Soles (or $520 USD) of

monthly household income. This figure is almost twice 2013’s minimum wage (750 Nuevo Soles)
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and according to this national SPL, 45.9% of households were subjectively poor that year. Table

B.2 in the appendix presents the national and the regional SPL’s, and Columns (B) and (C) of

Table B.1 show each region’s subjective poverty incidence, calculated with the regional SPL’s and

the national SPL, respectively.

3.2.2 The Economic Ladder Question

The ELQ has not been used as much in previous studies as a tool to measure subjective poverty.

Yet, due to the importance of inequality perception and relative economic stance in this paper, I

will address the concept of “subjective relative poverty” using this particular question. The ELQ,

as translated from the ENAHO survey, shows the respondent the following picture and asks the

following question:

If your household’s economic situation is measured on a scale from 1 to 10, where the

poorest people are located in the step 1 and the richest people are located in step 10. In

which step do you think your household economic situation stands?
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Figure 3.2: The Economic Ladder Question (ELQ)

The survey results of the ELQ are summarized in Table B.3 in the appendix. Before we use this

data to establish a definition of subjective relative poverty, it is important to get a sense of how

respondents approach this question and determine exactly what information it provides. Ravallion

and Lokshin (2002) point out that the ELQ measures an individual’s perception of economic status;

as such, it provides information about whether the respondent is feeling richer or poorer than his or
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her self-defined reference group. A plausible interpretation of the ladder would be that respondents

map their reference group onto the ladder and answer the question with what they believe to be

the percentile they occupy in that group in terms of income. The perceived position would be

given by the answer to the ELQ after a linear transformation that maps the set {1, 2, . . . , 10} into

the interval [0, 1] in R.9 For instance, a household whose answer to the ELQ is 8 believes that

8−1

9
× 100 = 77.78% of households in its reference group have a lower income.

Since the ENAHO also provides net yearly income we can calculate the household’s actual

position, compare it to its perceived one, and thus test this hypothesis. To calculate the actual

position we assume that income in each region is log-normally distributed, and after normalizing

ln(y) we obtain the actual percentile corresponding to each household. In accordance with the

observations of Duesenberry (1949) and Kahneman and Varey (1991) about the importance of

proximity and similarity in determining a reference group (see Section 2.2), I will assume that

households think of the ELQ in terms of their region, which is the smallest inference level for

which the ENAHO survey provides representative estimates. Hence, for these calculations, each

region is assumed to be the pertinent reference group. The results reveal that 81.9% of Peruvian

households report perceiving an economic position that is lower compared to their actual position.

It is therefore unlikely that respondents take this approach when answering the ELQ.

An alternative explanation—which accounts for the right-skewed histogram that the data in

Table B.3 produces—is that instead of mapping individuals onto the ladder, respondents map

distinct income levels, and then decide where their income would fall in that scale. It seems that

the framing of the question motivates this approach by labeling the first/last step as poor/rich and

uniformly dividing the gap in between these two. For instance, a household answering the ELQ

could presumably have a reference for a rich income level and one for a poor income level, then it

could divide the difference between the two in ten segments of equal length and decide where its

income stands. That is, a household that objectively divides the distribution in half would likely

give an ELQ answer of less than 5 if it feels that its income level is closer to its reference for the

lowest possible income, and farther from its reference for the highest possible income.

Taking either approach to define subjective relative poverty as a the difference between an actual

economic position and a perceived one presents the challenge that the ELQ, as posed in the ENAHO

9This linear transformation, namely f(n) = n−1

9
, is necessary so that a response of 1 to the ELQ can be associated

with the 0th percentile, while the tenth step of the ladder can be assigned to the 100th percentile.
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survey, is ambiguous as to whether the first/last step represents the poorest/richest household in

the respondent’s province, region, or country. That is, the question leaves the definition of the

reference group to the respondent. Further, there is no reason to believe that what comprises an

appropriate reference group would be constant across individuals and income levels. In order to

avoid making assumptions about individuals’ beliefs and perceptions, I will follow Ravallion and

Lokshin (2001)’s approach, who posit that the ELQ “does not presume that ‘income’ is the relevant

variable for defining who is ‘poor’ and who is not, but leaves that up to the respondent” (p. 14).

The method—summarized by definition (3.9)—consists of classifying as subjective relative poor any

household whose response to the ELQ is 1 or 2, regardless of their income in absolute or relative

terms. This is the same approach taken by the INEI (2013a), which—using the ENAHO 2012

results—defined those households whose response to the ELQ was 1 as “very poor,” and assigned

the label of “poor” to those who perceived themselves in the second step of the ladder.

SubjectiveRelative Poor =

{

1 if ELQanswer < 3

0 otherwise
(3.9)

It may be argued that by collapsing the ELQ into a binary variable, we could be losing po-

tentially valuable information; nevertheless, using the entire range of the ladder as a dependent

variable in the econometric models could be problematic. Ravallion and Lokshin (2001) warn that

“we cannot assume that the difference between rungs 1 and 2 of the ladder (say) means the same

in terms of welfare as the difference between 2 and 3” (p. 17). Furthermore, al Srur (2014) and van

Edig (2006) stress the difficulty of interpreting the ELQ responses. The fact that only less than

2% of the surveyed households gave answers above six suggests that there may be other factors

influencing responses beyond perception of economic welfare. In addition, the present research

question specifically focuses on measuring the impact of tourist presence on subjective poverty, and

not on subjective economic welfare in general. It need not be the case that receptive tourism has

a uniform effect on subjective economic well-being across all income levels, yet this is beyond the

scope of this paper and is a topic for future research.

3.2.3 Subjective Poverty and Subjective Relative Poverty

Now that different measures of subjective poverty have been defined using the MIQ and the

ELQ, one question naturally arises: are the classifications of subjective poor and subjective relative

poor obtained from these two questions designated to the same individuals? In other words, do these
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questions address the same latent variable? Table 3.2, which shows the national poverty incidence

as measured by two variables obtained from the MIQ and the ELQ, provides some insight into

these questions.10

Table 3.2: Comparing Poverty Measurements Obtained from the MIQ and the ELQ

ELQ
MIQ

Subjective Poor Not Subjective Poor Total

Subjective Relative Poor 22.4 11.2 33.6
Not Subjective Relative Poor 23.1 43.3 66.4
Total 45.6 54.4 100

Table 3.2 reveals that only 49.1% of those classified as subjective poor according to the MIQ are

also considered subjective relative poor as calculated from their response to the ELQ. In contrast,

66.7% of subjective relative poor households are also classified as subjective poor. Moreover, only

65.7% of households are located in the table’s diagonal; that is, approximately 35% of Peruvian

households do not have the same status of poor or not poor according to both criteria. Therefore,

although the subjective poverty measures obtained from the MIQ and the ELQ are positively

correlated (with a Pearson’s correlation coefficient of 0.3), they do not identify the same individuals

as falling below the established poverty thresholds and, hence, address non-redundant dimensions

of well-being. This result is in accordance with the idea proposed earlier that the MIQ serves to

measure a household’s aspirational gap, while the ELQ provides information about its comparative

gap. These dimensions need not be in agreement for a given household, so it is therefore important

to note that the models estimated in the next section measure the effect of tourism on different

dimensions of subjective poverty.

10 For this comparison, the sample has been restricted to those observations that answered both the MIQ and the
ELQ. Consequently, 7.3% of the observations have been dropped for this analysis. Further, the subjective poverty
incidence shown in Table 3.2 is calculated with regional SPL’s.
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CHAPTER 4

RESULTS

The present analysis will use the definitions of subjective poverty and subjective relative poverty

obtained from the MIQ and the ELQ, respectively, as dependent binary variables in the models

that will be specified in this section. That is, the unit of analysis in these models will be Peruvian

households. On the other hand, the regressor of main interest will be the provincial “Tourist

Presence on Average Day,” or just “tourist presence,” variable calculated according to equation

(3.1) in Section 3.1, and presented in Column (B) of Table A.2. This measure is considered a proxy

of the population’s exposure to tourists in a given province. Therefore, each household will be

assigned the tourist presence (calculated as a percentage) of its province.

The following set of household and province observable characteristics will be included in the

specification of the models: natural logarithm of the household’s monthly real income, provincial

Gini coefficient,1 and categorical variables for education level, household size, urban, and regions.

In addition, other models will be estimated to explore interactions and to include further controls

such as macro-regional and age dummies, as well as access to public services.

It should be noted that while all other variables have been calculated using 2013 data, the

most recent report of provincial Gini coefficients consists of 2009 figures as calculated by the INEI

(2010). This report uses data from the 2007 national census and the ENAHO 2009 to calculate

these coefficients at the provincial level. Unfortunately, we cannot use the ENAHO 2013 to calculate

more recent figures because it is only representative up to the regional level, and including regional

Gini coefficients in the regressions will cause a multicollinearity problem with the regional dummies.

Therefore, I assume that inequality in Peruvian provinces has not changed significantly from 2009

to 2013, and use the 2009 data for this variable. Similarly, the most recent data on the population’s

access to public services at the local level is based on the 2007 national census, and it will be used

as control in the absence of a better alternative.
1The Gini coefficient is a common measure of income inequality in a population, where 0 represents perfect

equality (i.e., income is distributed equally among all individuals) and 1 indicates perfect inequality (i.e., income
is concentrated in only one individual). The inclusion of the Gini coefficient responds to the important effect of
inequality in subjective well-being discussed in Section 2.1
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The other variables—income and the categorical variables for education, household size, age,

urban, and region—are taken directly from the ENAHO. Specifically, monthly net income is cal-

culated from the household’s total net income (labeled as INHOG2D in the ENAHO), which is

a summary variable the INEI computes by aggregating the information gathered through several

questions of the survey. This variable is the standard measure of income in poverty calculations in

Peru. “Urban” is a categorical variable that takes the value of 1 whenever the population center

where the household lives has more than 400 houses (in the ENAHO: urban = 1, if estrato < 6).

Again, this distinction between urban and rural is the standard definition used by the INEI. For the

education dummies, I consider the following non-exclusive categories: not graduated from elemen-

tary school (base case), elementary school graduate, high school graduate, and university graduate.

Similarly, household size has been coded into three categorical variables: small households of one

or two members (base case), medium households of three or four members, and large households

of five or more members, representing 28.2%, 38.3%, and 33.5% of the observations, respectively.

I also define the following age groups to capture nonlinearities in the effect of age: from 18 to 25,

from 25 to 35, from 35 to 50, and over 50. Finally, the percentage of households with access to

water, sewage, and lighting in the given household’s district are the three variables that will serve

as a proxy for access to public services.2

4.1 Subjective Poverty Regressions

I now consider five linear probability models that are estimated in the regressions shown in

Table 4.1. Column (A) presents the regression results for the basic model: the dependent variable

is a binary variable for “subjective poor” as defined by regional SPL’s, and the regressors are

provincial tourist presence, natural logarithm of monthly real income, provincial Gini coefficient,

and dummies for education, household size, region, and urban.

The regression from Table 4.1, Column (A), reveals that an increase by one percentage point in

tourist presence in a province reduces the probability of the province’s households to be subjectively

poor by approximately 0.04. The effect is significant at 1%. It should be noted, however, that an

increase of one percentage point in the tourist presence measure is substantial: it approximately

represents, for example, the difference in tourist presence between the province of Pisco (0.187) and

2A district is a geographical unit that is smaller than a province. There are 1,854 districts in Peru.
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Table 4.1: Subjective Poor on Provincial Tourist Presence Regressions

Subjective Poor (Regional SPL)
(A) (B) (C) (D) (E)

Basic Model Tour×Age Tour×Macroreg Urban×Reg Public Services
Interaction Interaction Interaction Controls

Tourist Presence -0.037∗∗∗ -0.156∗∗∗∗ -0.220∗∗∗∗ -0.161∗∗∗∗ -0.151∗∗∗∗

(0.013) (0.046) (0.065) (0.047) (0.045)
Log Income -0.406∗∗∗∗ -0.403∗∗∗∗ -0.402∗∗∗∗ -0.403∗∗∗∗ -0.400∗∗∗∗

(0.005) (0.005) (0.005) (0.005) (0.005)
Provincial Gini 0.128 0.118 0.102 0.115 0.252∗∗

(0.104) (0.104) (0.113) (0.108) (0.108)
Tour×From25to35 0.007 0.004 0.007 0.012

(0.058) (0.058) (0.058) (0.057)
Tour×From35to50 0.109∗∗ 0.109∗∗ 0.112∗∗ 0.110∗∗

(0.049) (0.049) (0.049) (0.048)
Tour×Over50 0.151∗∗∗ 0.150∗∗∗ 0.154∗∗∗ 0.153∗∗∗

(0.048) (0.048) (0.048) (0.047)
Constant 3.349∗∗∗∗ 3.421∗∗∗∗ 3.464∗∗∗∗ 3.445∗∗∗∗ 3.366∗∗∗∗

(0.043) (0.046) (0.053) (0.047) (0.047)

Observations 25,520 25,520 25,520 25,520 25,520
R-squared 0.616 0.618 0.619 0.620 0.619
Educ/FamSize Controls Yes Yes Yes Yes Yes
Regional Dummies Yes Yes Yes Yes Yes
Urban Control Yes Yes Yes Yes Yes
Age Controls Yes Yes Yes Yes
Macroregion Controls Yes
Urban×Region Interact Yes
Public Services Controls Yes

Robust standard errors in parentheses
∗∗∗∗ p<0.001, ∗∗∗ p<0.01, ∗∗ p<0.05, ∗ p<0.1
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Cusco (1.174). Note that this variable ranges from 0 to 3.10, with a mean of 0.05. Therefore, it

is perhaps less deceiving to consider that an increase of 0.1 percentage points in provincial tourist

presence reduces the probability of being subjectively poor by 0.004. This difference of 0.1 in tourist

presence is exemplified by the provinces of Maynas (0.114) and Tacna (0.215), or Maynas (0.114)

and Anta (0.014).

It should be noted that the estimated coefficient of the provincial Gini turns out to be statis-

tically insignificant in most of the regressions. This is in accordance with the inconclusiveness of

previous studies in determining the effect of income inequality on subjective well-being and sub-

jective poverty (see Section 2.1 and Section 2.3). The statistical significance of tourist presence,

along with the insignificance of provincial income inequality, as determinants of subjective poverty

in the above model suggests that income inequality may not be the most salient feature in resi-

dents’ perceptions about their interaction with tourists. In other words, the estimated coefficient of

tourist presence must be capturing an effect that is due to the particular nature of tourist-resident

interactions in Peru that goes beyond income inequality.

The inclusion of an interaction term between tourist presence and age in the model estimated

in Column (B) responds to the findings of Andereck and Nyaupane (2010) that age has a negative

effect on the perception of personal benefit from tourism; that is, as age increases individuals’

perceptions of personal benefit derived from tourism decreases. In addition, age control dummies

have been included to the model based on Herrera (2002)’s observations that age has a positive

effect in terms of reducing the probability of being subjectively poor. The estimated coefficients

presented in Column (B) are in accordance with past literature: the interaction terms reveal that

the marginal effect of the positive impact of tourist presence decreases with age. In fact, the

marginal effect of tourism on subjective poverty, given by ∂SubjPoor
∂Tour

, nearly disappears for heads

of households over fifty years old: The effect is reduced from −0.156 to −0.156 + 0.151 = −0.005

for this age group. Furthermore, the estimated coefficients for the age group controls (not shown

in the table) agree with Herrera (2002)’s findings that age has a positive impact on reducing the

probability of being subjectively poor.

For the model estimated in Column (C), I incorporate categorical variables that control for

macro-regional effects. Following the INEI’s practice, I divide the twenty-five Peruvian regions in

eight categories: north coast, central coast, south coast, north Andes, central Andes, south Andes,
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jungle, and Lima/Callao. In addition, to capture the different marginal effects of tourist presence in

each macro-region, I include interaction terms between the main regressor and the macro-regional

dummies. Similarly, Column (D) presents the estimate coefficients of the model that incorporates

an interaction between each regional dummy and the urban binary variable. Even after all these

controls, the direction of the effect of tourist presence on the dependent variable and the statistical

significance of the coefficient remain consistent.

Finally, I consider a model that controls for access to public services in Column (E). The

discussion in Section 2.5 about the impact of tourism development on residents’ well-being suggests

that an important feature of tourism that results in the betterment of host societies’ quality of

life is the improvement of public facilities. That is, residents indirectly benefit from access to

goods and services that the development of tourism brings to a community. In fact, we saw that

“plenty of retail shops and restaurants,” “plenty of festivals, fairs, museums,” “the image of my

community to others,” and “city services like police and fire protection” placed at the top of

Andereck and Nyaupane (2010)’s index, in terms of how important survey respondents perceive

these characteristics to be and how much they believe tourism improves them. The present analysis

employs three variables as a proxy for households’ access to public services: the percentage of

households in the observation’s district with access to water, sewage, and lighting. It should be

noted that, in 2007, only 68.6%, 60.5%, 75.2% of Peruvian households had access to water, sewage,

and lighting, respectively (Ministerio de Economı́a y Finanzas, 2008).

Now that the previous models have shown a positive effect of receptive tourism in reducing

subjective poverty, we ask ourselves whether this effect is merely due to an objective improvement

in residents’ quality of life through an increased access to public services, or if there is a purely

subjective component in the effect (such as status effects or tourism as a source of local pride). The

estimate coefficients of Column (E) show that even after controlling for the objective improvement

in public services, tourist presence still has a significant impact on subjective poverty. This time

an increase of 0.1 percentage points in provincial tourist presence reduces the probability of being

subjectively poor by 0.015, and the effect is significant at 0.1%.

As robustness checks, Table C.1 and Table C.2 in the appendix present the estimation of models

that are analogous to those featured in Table 4.1, but in these cases alternative methods to define

the regressor of main interest and the dependent variable are used. In Table C.1, instead of using
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the percentage of people that were tourists on an average day in each province, the main regressor is

the number of check-ins on an average day as a percentage of the province’s population, as defined

in equation (3.2), Section 3.1. Table C.2 presents the estimation of the models where the dependent

variable is subjective poverty as defined by a single national SPL. The results in both cases agree

with what was reported in Table 4.1.

One limitation of the regressions discussed above is due to the availability of data. The MINCE-

TUR publishes tourism data for every province in the country, except for the ten provinces in the

Lima region. In this case, the statistics only provide estimates for the entire region. Therefore,

the regressions above omit all 2,935 observations from these ten provinces that answered the MIQ,

which represent 10.3% of the data. In order to incorporate these observations into the analysis,

I modify the above models so that for the regressor of main interest, I assign each household the

tourist presence of its region, displayed in Column (B) of Table A.1. Consequently, the regional

categorical variable must be removed from the regression, as it would cause a multicollinearity

problem with the new regional measure of tourist presence. The regression results are displayed in

Table C.3 in the appendix. With only twenty-five possible values of tourist presence, there is unfor-

tunately not enough variance in our main regressor to estimate statistically significant coefficients

in most of the models.

The effect of tourist presence in a large metropolis like the Lima province (from which over

65% of the Lima region observations come) deserves a separate analysis since it is an outlier with

regard to several characteristics that are critical to this study. Peru is a highly centralized country:

in 2013, 28.3% of the country’s population was concentrated in the Lima province, and in 2012,

the Lima region produced 45.2% of Peru’s GDP (INEI, 2009, 2013b). Although Lima is the third

most touristic region according to both measures discussed in Section 3.1, it does not contain the

country’s most iconic tourist attractions, and thus the nature of tourism in the Lima province

is fundamentally different than in other provinces. According to the National Superintendency of

Migration (2014), 47.8% of all non-residents who arrived to Peru in 2013 (by any mean of transport)

did so through the Jorge Chvez International Airport in Lima. Hence, the Peruvian capital serves

as the main point of entry for international tourists. Due to the relative prominence of Lima’s

economic activity, it is likely that an important fraction of non-resident tourists staying at Lima

hotels arrived to the city for business purposes. Future research could help differentiate the effects
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of recreational tourism and business tourism on subjective poverty. Finally, while tourism could

play a dominant role in the economy of several provinces, this is certainly not the case for Lima,

and thus residents’ perceptions could be different. All in all, the effects of receptive tourism in a

large metropolis like Lima involve additional complexities that should be address once more data

is available.

4.2 Subjective Relative Poverty Regressions

The analysis will now focus on the subjective relative poverty measure obtained from the ELQ.

The approach taken will be similar to that of the variables derived from the MIQ. That is, the

different dependent variable is the only change to the previous models’ specification.

Table 4.2 shows the results of the linear regressions that estimate the above models. Column

(A) shows that the estimated coefficient for tourist presence in the basic model is not statistically

significant at 10%. However, when the additional controls and interactions are added in Columns

(B), (C) and (D), the estimate coefficients become significant. The regression from Column (C)—

which estimates the model that includes age and macro-regional controls, as well as interaction

terms between tourist presence and these two controls—shows that an increase of one percentage

points in provincial tourist presence reduces the probability of being subjective relative poor by

0.19. Once again, it is more appropriate to consider that an increase in 0.1 percentage points in

tourist presence decreases the probability of being subjective relative poor by 0.019. The effect is

significant at 0.1%. It should be noted that although the notions of well-being associated with the

MIQ and ELQ are distinct, the direction and magnitude of the effect of tourism is very similar in

both cases.

Unlike the case of the subjective poverty regressions (see Column (E) of Table 4.1), the estimated

coefficient for tourist presence becomes statistically insignificant once the model controls for access

to water, sewage, and lighting. A plausible explanation is that households are less likely to perceive

their economic position belonging in the lower two levels of a ten-step ladder if they have access to

such public services. This should not be interpreted as evidence of no effect of tourist presence on

subjective poverty; instead, it is important to note that, as discussed in Section 2.5, access to public

services in poor communities whose economy is driven by tourism is highly improved precisely by

the development of tourism. Once again, as robustness checks, Table D.1 and Table D.2 in the
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Table 4.2: Subjective Relative Poor on Provincial Tourist Presence Regressions

Subjective Relative Poor (ELQ)
(A) (B) (C) (D) (E)

Basic Model Tour×Age Tour×Macroreg Urban×Reg Public Services
Interaction Interaction Interaction Controls

Tourist Presence -0.008 -0.057∗ -0.188∗∗∗∗ -0.076∗∗ -0.039
(0.018) (0.032) (0.055) (0.035) (0.030)

Log Income -0.143∗∗∗∗ -0.145∗∗∗∗ -0.144∗∗∗∗ -0.145∗∗∗∗ -0.139∗∗∗∗

(0.005) (0.005) (0.005) (0.005) (0.005)
Provincial Gini -0.273∗ -0.260∗ -0.441∗∗∗ -0.162 0.059

(0.147) (0.147) (0.161) (0.152) (0.151)
Tour×From25to35 0.051 0.046 0.037 0.060

(0.051) (0.050) (0.052) (0.050)
Tour×From35to50 0.038 0.033 0.039 0.039

(0.038) (0.037) (0.040) (0.037)
Tour×Over50 0.054 0.049 0.054 0.057

(0.037) (0.035) (0.038) (0.036)
Constant 1.666∗∗∗∗ 1.597∗∗∗∗ 1.625∗∗∗∗ 1.560∗∗∗∗ 1.498∗∗∗∗

(0.056) (0.059) (0.072) (0.062) (0.060)

Observations 25,331 25,331 25,331 25,331 25,331
R-squared 0.259 0.260 0.267 0.268 0.264
Educ/FamSize Controls Yes Yes Yes Yes Yes
Regional Dummies Yes Yes Yes Yes Yes
Urban Control Yes Yes Yes Yes Yes
Age Controls Yes Yes Yes Yes
Macroregion Controls Yes
Urban×Region Interact Yes
Public Services Controls Yes

Robust standard errors in parentheses
∗∗∗∗ p<0.001, ∗∗∗ p<0.01, ∗∗ p<0.05, ∗ p<0.1
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appendix present the estimation of models that use the second measure of tourist presence, and

that include the Lima data, respectively.

Finally, it should be noted that in the cases where the estimated coefficient for the provincial

Gini is significant, it has a negative effect on the probability of being subjectively poor. This

confirms Herrera et al. (2006)’s findings that, in Peru, higher levels of inequality have a positive

effect on subjective well-being. As discussed in Section 2.4, this is likely due to the prestige extended

to poor households by living in wealthier areas with greater inequality. This argument then provides

a plausible explanation for the observed effect of receptive tourism on subjective poverty: Not only

does receptive tourism generate inequality—which, in Peru, has a positive effect on subjective well-

being—but the prestige factor associated with the interaction with people from different parts of

the world who have travelled to visit one’s community presumably reinforces this positive effect.
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CHAPTER 5

CONCLUDING REMARKS

The last few decades have seen a growing interest on behalf of economists to incorporate subjective

considerations in poverty studies. The importance of inequality on subjective poverty found in

previous studies, the debate around the effect of tourism on residents’ well-being, and the lack of

research concerning the measurement of this effect motivated the idea of assessing the impact of

receptive tourism on subjective poverty in Peru. This impact was measured by estimating linear

probability models that used a measure of tourist presence—calculated from the MINCETUR’s data

on hotel overnight stays—as well as the two most common survey questions in subjective poverty

literature to define the concept of subjective poor: the minimum income question and the economic

ladder question. While the MIQ gives information related to a household’s aspirational gap, the

ELQ hints at its comparative gap. This study finds that a household’s exposure to non-resident

tourists has an effect on these two components of subjective well-being.

The econometric analysis—discussed in detail in Chapter 4—reveals that there is strong evidence

that suggests that the presence of tourism has a beneficial impact by reducing the local population’s

probability of being subjectively poor, at least in the Peruvian case. To put the magnitude of this

effect into perspective—according to the regression in Table 4.1, Column (E)—in order to reduce

a household’s probability of being subjectively poor by the same amount that an increase of 0.1

percentage points in the tourist presence of its province would, even after controlling for access

to public services, the household’s monthly real income would need to increase by approximately

0.04%. This, of course, does not imply that real income and exposure to tourists should be regarded

as substitutes in terms of their effect on welfare. This analysis merely focuses on the effect of tourism

on perception of poverty, and it does not suggest that tourism should be promoted at the expense

of households’ income. Nevertheless, this study does introduce a determinant of subjective poverty

that had not previously been considered, and it presents evidence of a positive effect of receptive

tourism in developing countries that has been generally overlooked. At the same time, this paper

contributes to the debate around the positive and negative non-monetary impacts of tourism on
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poor populations in Peru by presenting quantitative evidence in a debate that is often guided by

unfounded conjectures.

On the one hand, the regressions that include the subjective poverty measure derived from the

MIQ feature statistically robust results of the observed effect. On the other hand, the estimated

coefficients of tourist presence in the models where the dependent variable is derived from the

ELQ are less statistically significant. Furthermore, while the effect remains significant even after

controlling for access to public services in the case of subjective poverty, it does not in the models

with subjective relative poverty as the dependent variable. This evidence suggests that exposure

to non-resident tourists shortens a household’s aspirational and comparative gaps: while the effect

on the aspirational gap persists even after controlling for access to water, sewage, and lighting in

the household’s district, the shortening of the comparative gap seems to be mainly driven by an

improvement in access to these services.

A concern that might arise regarding the present analysis is that of the possibility of endogeneity

in the econometric models due to a causality loop between the dependent variable and the regressor

of main interest. It might be argued that tourists could be systematically attracted to areas where

the local population is known for being generally happy and for having a positive attitude toward its

objective economic situation. Likewise, it is conceivable that tourists might purposely avoid areas

where the population is thought of as being generally miserable. Within a given region of Peru,

however, the differences between provinces in terms of their population’s temperament are minimal,

and most likely nonexistent from the perspective of a foreign tourist. Therefore, the inclusion of

categorical variables for each region of the country fixes this potential source of endogeneity.

Due to practical reasons concerning the available data, this paper does not make any distinc-

tion among non-resident tourists; that is, while I control for individual characteristics (such as

income and education) of local households, I assumed the effect of all tourists—regardless of their

nationality and income, for example—is constant. This need not be the case, and the relevance

of this distinction becomes apparent when noting that the composition of tourists varies greatly

from province to province. For instance, in Urubamba—where Machu Picchu is located—25.1%

of foreign tourists in July 2013 were from the United States, and only 0.7% were from Ecuador,

whereas in Contralmirante Villar—a small touristic province close to the border with Ecuador—

only 5.9% were from the United States and 70.2% were Ecuadorian. Perhaps, the effect of tourism
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on subjective poverty depends on where tourists come from. Presumably, European tourists (who

must pay for an expensive air ticket) are richer and therefore create more inequality in touris-

tic areas than, say, Bolivian or Ecuadorian tourists (who can travel to some Peruvian provinces

by land). Similarly, Hispanic tourists—who share aspects of culture and language with the local

populations—may exhibit a different effect than tourists that are regarded as more exotic. Future

research should focus on identifying how the composition of tourists in a given province determines

their effect on subjective poverty. Understanding the role played by income or cultural proximity

of tourists would enrich the analysis and shed light on the underlying mechanisms of the observed

effect.

The Peruvian case was chosen to develop this study due to availability of data and the important

role that receptive tourism plays in some of the country’s poorest areas. Yet, more insight into the

studied phenomenon could be gained by examining other countries: It is widely known that certain

countries are characterized by their welcoming attitude toward tourists, while other ones are not.

In addition, as Herrera et al. (2006)’s comparative analysis between Madagascar and Peru reveals,

different countries may exhibit opposing attitudes toward inequality. Therefore, a cross-country

analysis would clarify whether the results found in the Peruvian case are part of a universal trend, or

if they represent an exception to the general attitude of poor populations toward receptive tourism

and the inequality it creates.
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APPENDIX A

TOURIST PRESENCE MEASUREMENTS

Table A.1: Tourist Presence at the Regional Level

Region (A) (B) (C)
Number of Stays on Tourist Presence on Check-Ins % on

Average Day Average Day Average Day

PERU 41822.01 0.13704512 0.0736053
Amazonas 36.84658 0.0087847 0.0063456
Ancash 112.6740 0.0099178 0.0055771
Apurimac 22.65479 0.0049862 0.0039668
Arequipa 1314.797 0.1043095 0.0653374
Ayacucho 34.30685 0.0050927 0.0027372
Cajamarca 74.96712 0.0049326 0.0026022
Callao 496.3397 0.0504771 0.0425867
Cusco 7418.386 0.5671430 0.3285787
Huancavelica 3.805480 0.0007806 0.0005109
Huánuco 21.03014 0.0024807 0.0016308
Ica 778.9534 0.1008633 0.0734229
Juńın 23.52329 0.0024793 0.0015727
La Libertad 318.3151 0.0175419 0.0090446
Lambayeque 159.4027 0.0128546 0.0069282
Lima 26683.12 0.2788881 0.1390376
Loreto 799.8521 0.0784969 0.0629815
Madre de Dios 453.9452 0.3456525 0.1671853
Moquegua 47.64109 0.0269488 0.0130618
Pasco 11.40822 0.0038050 0.0015672
Piura 455.4055 0.0250901 0.0105925
Puno 1477.712 0.1062215 0.0691215
San Mart́ın 82.88219 0.0101305 0.0054372
Tacna 670.2028 0.2006918 0.1343302
Tumbes 261.8082 0.1129741 0.0424144
Ucayali 62.03014 0.0128222 0.004726

Source: Author’s calculations using data from the MINCETUR
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Figure A.1: Number of hotel stays on an average day at regional level. See Table A.1 Column (A).
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Figure A.2: Tourist presence on an average day at regional level. See Table A.1 Column (B).

44



Table A.2: Tourist Presence at the Provincial Level

Province (A) (B) (C)
Number of Stays on Tourist Presence on Check-Ins % on

Average Day Average Day Average Day

PERU 41822.01 0.13704512 0.0736053
Amazonas Region 36.8465726 0.0087847 0.0063456
Chachapoyas 28.06849 0.051054 0.0361275
Bagua 0.660274 0.0008541 0.0005493
Bongara 3.150685 0.0095873 0.0067368
Condorcanqui 0.3479452 0.0006582 0.0006323
Luya 2.539726 0.0048745 0.0036127
Rodriguez De Mendoza 0.6356164 0.0020794 0.0017836
Utcubamba 1.443836 0.0012157 0.0011465
Ancash Region 112.673978 0.0099178 0.0055771
Huaraz 79.13699 0.0485598 0.025078
Aija 0.0657534 0.0008309 0.000554
Antonio Raymondi 0.0657534 0.0003932 0.0002621
Asuncion 0.3178082 0.003554 0.0025737
Bolognesi 0.9863014 0.0030256 0.0020507
Carhuaz 1.219178 0.0026126 0.0018553
Carlos Fermin Fitzcarrald 0.6465753 0.0029531 0.0021023
Casma 5.10411 0.0109711 0.0069497
Corongo 0.0328767 0.0003969 0.0002646
Huari 3.6 0.0056678 0.004167
Huarmey 1.413699 0.0046759 0.0030903
Huaylas 5.265753 0.0093651 0.0063106
Mariscal Luzuriaga 0.1643836 0.0006893 0.0004595
Ocros 0.1890411 0.0018079 0.0013363
Pallasca 0.8027397 0.0026273 0.001901
Pomabamba 0.7808219 0.0026683 0.0018725
Recuay 0.509589 0.0026187 0.0018585
Santa 11.41644 0.0026492 0.0017147
Sihuas 0.2986301 0.0009679 0.000666
Yungay 0.6575342 0.0011294 0.0008141
Apurimac Region 22.6547958 0.0049862 0.0039668
Abancay 9.265754 0.0087487 0.0062866
Andahuaylas 4.463014 0.0027021 0.0015974
Antabamba 0.109589 0.0008176 0.0007972
Aymaraes 4.273973 0.0130196 0.0129044
Cotabambas 3.460274 0.0066479 0.0065747
Chincheros 0.7260274 0.0012501 0.0010803

Continued on next page

45



Table A.2 – Continued from previous page
Province Number of Stays Tourist Presence Check-Ins %

Grau 0.3561644 0.0013237 0.0012422
Arequipa Region 1314.797324 0.1043095 0.0653374
Arequipa 1034.411 0.1090669 0.0627817
Camana 6.80274 0.0117729 0.0091662
Caraveli 12.72603 0.0319302 0.0227674
Castilla 9.964383 0.0256174 0.0161761
Caylloma 235.0055 0.2632318 0.2208162
Condesuyos 1.027397 0.0056016 0.0036301
Islay 10.49589 0.0198318 0.012675
La Union 4.364384 0.029134 0.0218432
Ayacucho Region 34.3068458 0.0050927 0.0027372
Huamanga 29.26575 0.0109848 0.0056576
Cangallo 0.2739726 0.0008026 0.000602
Huanca Sancos 0.1835616 0.0017599 0.0012346
Huanta 0.3917808 0.0003746 0.000241
La Mar 0.3534247 0.000403 0.0002968
Lucanas 2.219178 0.0032894 0.0020671
Parinacochas 0.5561644 0.0017148 0.0011658
Paucar Del Sara Sara 0.2109589 0.0019146 0.0012682
Sucre 0.2082192 0.0017109 0.0012607
Victor Fajardo 0 0 0
Vilcas Huaman 0.6438356 0.0027575 0.0019479
Cajamarca Region 74.9671188 0.0049326 0.0026022
Cajamarca 61.25753 0.0163228 0.0077272
Cajabamba 1.115068 0.0013907 0.0011583
Celendin 0.3808219 0.0003986 0.0003469
Chota 0.7808219 0.0004682 0.0004337
Contumaza 0.3972603 0.0012267 0.0011928
Cutervo 0.7068493 0.0004953 0.0004031
Hualgayoc 0.6493151 0.000644 0.0005435
Jaen 4.347945 0.0021886 0.0014853
San Ignacio 4.254795 0.0029042 0.0021974
San Marcos 0.139726 0.0002559 0.0002308
San Miguel 0.2684931 0.0004716 0.0003994
San Pablo 0 0 0
Santa Cruz 0.6684932 0.0014618 0.0011742
Callao Region 496.3397 0.0504771 0.0425867
Callao 496.3397 0.0504771 0.0425867
Cusco Region 7418.386315 0.567143 0.3285787
Cusco 5169.167 1.174055 0.5852121
Acomayo 2.178082 0.0077462 0.0045116

Continued on next page
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Table A.2 – Continued from previous page
Province Number of Stays Tourist Presence Check-Ins %

Anta 8.153424 0.014313 0.0090527
Calca 57.53973 0.078612 0.0565761
Canas 8.383562 0.0210826 0.0127969
Canchis 11.19178 0.0109038 0.0068847
Chumbivilcas 34.12329 0.0415569 0.0248177
Espinar 41.30137 0.0601173 0.0357689
La Convencion 20.26849 0.0112797 0.0062626
Paruro 5.128767 0.016443 0.0098393
Paucartambo 10.72603 0.0212007 0.0130373
Quispicanchi 16.05479 0.0180005 0.0120281
Urubamba 2034.17 3.101759 2.50312
Huancavelica Region 3.8054798 0.0007806 0.0005109
Huancavelica 2.663014 0.0017134 0.0009678
Acobamba 0.1205479 0.0001607 0.0001607
Angaraes 0.1534247 0.0002489 0.0002178
Castrovirreyna 0.3041096 0.0015679 0.0013419
Churcampa 0.0273973 0.0000609 0.0000609
Huaytara 0.4164384 0.0017908 0.0014492
Tayacaja 0.1205479 0.0001119 0.0000992
Hunuco Region 21.0301367 0.0024807 0.0016308
Hunuco 7.369863 0.0024204 0.0013596
Ambo 0.2821918 0.0004888 0.0004508
Dos De Mayo 0.2410959 0.0004595 0.0004281
Huacaybamba 0.2438356 0.001081 0.0009352
Huamalies 0.4739726 0.0006382 0.0006124
Leoncio Prado 9.860274 0.0075166 0.0046682
Maraon 0.3863014 0.001242 0.0011627
Pachitea 1.186301 0.0016926 0.0016145
Puerto Inca 0.6027398 0.0018918 0.0017543
Lauricocha 0.2630137 0.0006848 0.0006563
Yarowilca 0.1205479 0.0003591 0.0003183
Ica Region 778.953508 0.1008633 0.0734229
Ica 204.0603 0.0576743 0.0442309
Chincha 56.13699 0.0263927 0.0178613
Nazca 265.7617 0.4497973 0.3883518
Palpa 1.821918 0.0145639 0.0112805
Pisco 251.1726 0.1871947 0.1062087
Junn Region 23.5232883 0.0024793 0.0015727
Huancayo 7.430137 0.0063539 0.0047822
Concepcion 1.493151 0.0025682 0.0021677
Chanchamayo 4.131507 0.0020994 0.0013936

Continued on next page
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Table A.2 – Continued from previous page
Province Number of Stays Tourist Presence Check-Ins %

Jauja 0.1780822 0.0002048 0.0001796
Junn 0.0575342 0.0002134 0.0002134
Satipo 1.50411 0.000591 0.0003768
Tarma 8.487671 0.0076844 0.0036217
Yauli 0.0657534 0.0001474 0.0001351
Chupaca 0.1753425 0.0003282 0.0001744
La Libertad Region 318.3150874 0.0175419 0.0090446
Trujillo 271.1918 0.0292025 0.0154146
Ascope 2.778082 0.0023011 0.0017838
Bolivar 0.0630137 0.0003751 0.0003261
Chepen 0.920548 0.0010825 0.0009053
Julcan 0.230137 0.0007199 0.0006257
Otuzco 1.030137 0.0011187 0.0011068
Pacasmayo 35.29589 0.0343719 0.0109052
Pataz 1.208219 0.001397 0.0012101
Sanchez Carrion 2.550685 0.0016872 0.0014462
Santiago De Chuco 0.9726027 0.0015842 0.0014771
Gran Chimu 0.309589 0.0009887 0.00091
Viru 1.764384 0.0016605 0.001101
Lambayeque Region 159.4027945 0.0128546 0.0069282
Chiclayo 155.948 0.018486 0.0099315
Ferreafe 0.1150685 0.0001091 0.0000987
Lambayeque 3.339726 0.0011476 0.0006976
Lima Region 26683.12 0.2788881 0.1390376
Lima No Data No Data No Data
Barranca No Data No Data No Data
Cajatambo No Data No Data No Data
Canta No Data No Data No Data
Caete No Data No Data No Data
Huaral No Data No Data No Data
Huarochiri No Data No Data No Data
Huaura No Data No Data No Data
Oyon No Data No Data No Data
Yauyos No Data No Data No Data
Loreto Region 799.85201 0.0784969 0.0629815
Maynas 631.9205 0.1137905 0.0508077
Alto Amazonas 23.90411 0.0202129 0.2425802
Loreto 15.38356 0.0219357 0.0132932
Mariscal Ramon Castilla 51.81644 0.0749846 0.0372089
Requena 21.07123 0.0287827 0.0144722
Ucayali 24.31233 0.0338653 0.0175415

Continued on next page
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Table A.2 – Continued from previous page
Province Number of Stays Tourist Presence Check-Ins %

Datem Del Maraon 31.44384 0.051439 0.0235736
Madre De Dios Region 453.945208 0.3456525 0.1671853
Tambopata 388.4411 0.4095258 0.1997651
Manu 58.48767 0.2502522 0.1044511
Tahuamanu 7.016438 0.0535319 0.0438984
Moquegua Region 47.641091 0.0269488 0.0130618
Mariscal Nieto 19.96986 0.0250359 0.0105473
General Sanchez Cerro 0.090411 0.0003273 0.0003074
Ilo 27.58082 0.0397466 0.0210326
Pasco Region 11.4082196 0.003805 0.0015672
Pasco 3.764384 0.0024032 0.0005282
Daniel Alcides Carrion 0.0438356 0.0000836 0.0000784
Oxapampa 7.6 0.0083728 0.00422
Piura Region 455.4054568 0.0250901 0.0105925
Piura 114.3068 0.0153479 0.0083543
Ayabaca 3.052055 0.0021581 0.0015537
Huancabamba 2.219178 0.0017446 0.001288
Morropon 0.9424658 0.0005953 0.0005209
Paita 8.367124 0.0066878 0.0016578
Sullana 8.539726 0.0027343 0.0018273
Talara 316.0603 0.2370279 0.0877729
Sechura 1.917808 0.0026421 0.0011022
Puno Region 1477.712599 0.1062215 0.0691215
Puno 1126.729 0.45607 0.2961578
Azangaro 18.72877 0.0135365 0.0089377
Carabaya 46.5726 0.0515625 0.034503
Chucuito 14.93973 0.010289 0.0077709
El Collao 12.51507 0.0147317 0.0098957
Huancane 7.750685 0.0116102 0.0081432
Lampa 19.82466 0.0387028 0.0263737
Melgar 16.70685 0.0216265 0.0149162
Moho 14.91507 0.0565717 0.0408308
San Antonio De Putina 16.61096 0.0257452 0.0177115
San Roman 152.4329 0.0540168 0.034287
Sandia 24.62192 0.0356645 0.0228823
Yunguyo 5.364384 0.0111934 0.0081473
San Martn Region 82.8821882 0.0101305 0.0054372
Moyobamba 12.00822 0.0085583 0.0054932
Bellavista 1.460274 0.0025677 0.0021438
El Dorado 0.1260274 0.0003241 0.0002748
Huallaga 0.5616438 0.0022147 0.0018258

Continued on next page
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Table A.2 – Continued from previous page
Province Number of Stays Tourist Presence Check-Ins %

Lamas 4.391781 0.0052137 0.0030867
Mariscal Caceres 2.832877 0.0055304 0.0042095
Picota 0.769863 0.0017862 0.0014938
Rioja 4.772603 0.0038783 0.0021508
San Martn 53.5452 0.0294205 0.0137253
Tocache 2.413699 0.0033021 0.0026875
Tacna Region 670.2027858 0.2006918 0.1343302
Tacna 664.2521 0.2154758 0.1440234
Candarave 1.723288 0.0207008 0.0170842
Jorge Basadre 0.2520548 0.0026708 0.0013064
Tarata 3.975343 0.0502446 0.039426
Tumbes Region 261.808215 0.1129741 0.0424144
Tumbes 33.23288 0.0206044 0.0133098
Contralmirante Villar 222.3315 1.131439 0.3738003
Zarumilla 6.243835 0.0122907 0.0080636
Ucayali Region 62.0301359 0.0128222 0.004726
Coronel Portillo 58.69041 0.0158556 0.0058237
Atalaya 2.89863 0.0056116 0.0022172
Padre Abad 0.4 0.0006941 0.000271
Purus 0.0410959 0.0009493 0.0001266

Source: Author’s calculations using data from the MINCETUR
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Figure A.3: Number of hotel stays on an average day at province level. See Table A.2 Column (A).
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Figure A.4: Tourist presence on an average day at province level. See Table A.1 Column (B).
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Table A.3: Ranking of Regions from Most Touristic to Least Touristic

By Tourist Presence By Check-Ins as % of Pop.

Cusco Cusco
Madre De Dios Madre De Dios

Lima Lima
Tacna Tacna
Tumbes Ica
Puno Puno

Arequipa Arequipa
Ica Loreto

Loreto Callao
Callao Tumbes

Moquegua Moquegua
Piura Piura

La Libertad La Libertad
Lambayeque Lambayeque

Ucayali Amazonas
San Mart́ın Ancash
Ancash San Mart́ın

Amazonas Ucayali
Ayacucho Apurimac
Apurimac Ayacucho
Cajamarca Cajamarca

Pasco Huánuco
Huánuco Juńın
Juńın Pasco

Huancavelica Huancavelica

Source: Based on author’s calculations from Table A.1
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APPENDIX B

SUBJECTIVE POVERTY MEASUREMENTS

Table B.1: Regional Poverty Incidence

Subjective Poverty Subj. Relative Monetary
Poverty Poverty

(A) (B) (C) (D) (E)
Individual SMI1 Regional SPL2 National SPL3 ELQ4 National PL5

PERU 48.9143 45.82024 45.86946 33.60527 23.66196
Amazonas 56.28495 61.12729 65.15498 46.85561 52.45499
Ancash 42.41715 36.67163 48.87851 46.26011 29.91108
Apurimac 57.46844 63.87360 72.98480 58.90134 58.97660
Arequipa 58.87975 59.30288 31.67018 20.88595 12.19408
Ayacucho 61.33216 69.12374 74.78777 59.43584 59.21409
Cajamarca 55.39251 55.05556 71.36172 47.99602 58.89233
Callao 35.59906 24.44179 26.26994 15.05045 3.054099
Cusco 48.78204 43.36180 49.88657 38.69570 27.63913
Huancavelica 80.20801 87.13698 77.88834 63.19005 58.04330
Huánuco 63.27350 67.01007 65.30197 55.07068 50.19907
Ica 50.19391 40.89835 32.59302 23.62032 4.138450
Juńın 54.68618 55.94528 52.84772 27.97261 27.15620
La Libertad 54.27876 55.47636 49.88110 30.94439 29.15331
Lambayeque 53.32607 55.00974 47.28045 39.50375 21.82111
Lima City 32.63067 22.68522 21.03081 14.09723 2.728109
Lima Provinces 47.81752 42.85944 41.44958 28.48244 18.04750
Loreto 30.19958 14.09050 50.32597 48.16908 38.41849
Madre De Dios 41.03281 31.96292 20.65278 33.08429 4.050157
Moquegua 47.49549 41.70538 37.38733 20.09335 12.68845
Pasco 79.40618 79.51435 68.33724 38.37495 53.53944
Piura 56.26900 56.69688 51.63740 42.81969 33.67820
Puno 60.90170 64.54850 65.65594 45.87637 44.78418
San Mart́ın 47.23448 39.45829 57.48510 35.11171 35.16908
Tacna 68.19071 73.30326 44.72028 26.78076 12.05679
Tumbes 61.29065 70.40563 36.81994 30.24067 11.26843
Ucayali 21.61827 8.460013 36.36599 49.58108 14.02107

Source: Author’s calculations using data from the ENAHO 2013.
All figures have been calculated using the ENAHO’s expansion factor “Factor07.”

1 A household is defined as poor if its monthly income is lower than its SMI.
2 A household is defined as poor if its monthly income is lower than its region’s social SPL.
3 A household is defined as poor if its monthly income is lower than the country’s social SPL.
4 A household is defined as poor if its answer to the ELQ is 1 or 2.
5 A household is defined as poor if its monthly spending divided by household size is lower than 292 Nuevos Soles.
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Table B.2: Regional Poverty Lines

Region Subjective Poverty Line1 National Objective Poverty Line2

(2013 Nuevos Soles) (2013 Nuevos Soles)

PERU 1399.662 292
Amazonas 1164.3760 234.0841
Ancash 847.4514 237.7446
Apurimac 1077.1170 225.7274
Arequipa 1797.295 238.5674
Ayacucho 1101.689 230.0135
Cajamarca 1312.663 234.2455
Callao 1321.747 292.0000
Cusco 873.8533 232.6410
Huancavelica 1572.641 220.4725
Hunuco 1310.815 230.0135
Ica 1559.062 243.3167
Junn 1241.948 230.0135
La Libertad 1306.090 231.5909
Lambayeque 1540.357 229.3828
Lima 1746.993 292.0000
Loreto 1288.570 237.7446
Madre De Dios 809.4823 274.2824
Moquegua 1510.796 274.2824
Pasco 1267.251 238.5674
Piura 1286.748 230.0135
Puno 1302.774 231.5909
San Martn 904.7292 232.6410
Tacna 978.6937 239.5545
Tumbes 2162.924 238.5674
Ucayali 1304.626 234.5682

Source: Author’s calculations using data from the ENAHO 2013.
1 These calculations are the result of estimating equation (3.5) of Section 3.2.1 for a one-member household. The
calculations used household income and MIQ responses in 2013 Lima prices.

2 These figures correspond to 2013’s national objective poverty line adjusted to Lima prices. In the cases where
the price deflator divides a region, the arithmetic mean of the poverty lines of these subregions was taken.
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Table B.3: Answers to the ELQ

Answer to the ELQ Number of Households Percentage of Households1

1 5,011 17.72
2 5,899 20.86
3 6,211 21.97
4 4,861 17.19
5 4,434 15.68
6 1,306 4.62
7 406 1.44
8 119 0.42
9 16 0.06
10 12 0.04

TOTAL 28,275 100

Source: Author’s calculations using data from the ENAHO 2013.
1 These values correspond to the unweighted percentage of survey respondents.
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APPENDIX C

FURTHER SUBJECTIVE POVERTY REGRESSION

TABLES

Table C.1: Subjective Poor on Provincial Check-Ins Percentage Regressions

Subjective Poor (Regional SPL)
(A) (B) (C) (D) (E)

Basic Model Tour×Age Tour×Macroreg Urban×Reg Public Services
Interaction Interaction Interaction Controls

Check-Ins Percentage -0.054∗∗∗ -0.197∗∗∗ -0.509∗∗∗ -0.204∗∗∗ -0.193∗∗∗

(0.018) (0.065) (0.158) (0.067) (0.063)
Log Income -0.406∗∗∗∗ -0.403∗∗∗∗ -0.401∗∗∗∗ -0.403∗∗∗∗ -0.400∗∗∗∗

(0.005) (0.005) (0.005) (0.005) (0.005)
Provincial Gini 0.115 0.112 0.188∗ 0.108 0.251∗∗

(0.104) (0.104) (0.110) (0.108) (0.107)
Check-Ins×From25to35 -0.096 -0.105 -0.092 -0.083

(0.095) (0.097) (0.097) (0.094)
Check-Ins×From35to50 0.127∗ 0.124∗ 0.133∗ 0.128∗

(0.070) (0.071) (0.071) (0.068)
Check-Ins×Over50 0.185∗∗∗ 0.182∗∗∗ 0.191∗∗∗ 0.187∗∗∗

(0.069) (0.071) (0.070) (0.067)
Constant 3.354∗∗∗∗ 3.420∗∗∗∗ 3.440∗∗∗∗ 3.445∗∗∗∗ 3.364∗∗∗∗

(0.043) (0.045) (0.053) (0.047) (0.047)

Observations 25,520 25,520 25,520 25,520 25,520
R-squared 0.616 0.618 0.619 0.620 0.619
Educ/FamSize Controls Yes Yes Yes Yes Yes
Regional Dummies Yes Yes Yes Yes Yes
Urban Control Yes Yes Yes Yes Yes
Age Controls Yes Yes Yes Yes
Macroregion Controls Yes
Urban×Region Interact Yes
Public Services Controls Yes

Robust standard errors in parentheses
∗∗∗∗ p<0.001, ∗∗∗ p<0.01, ∗∗ p<0.05, ∗ p<0.1
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Table C.2: Subjective Poor (as defined by a national SPL) on Provincial Tourist Presence Regres-
sions

Subjective Poor (National SPL)
(A) (B) (C) (D) (E)

Basic Model Tour×Age Tour×Macroreg Urban×Reg Public Services
Interaction Interaction Interaction Controls

Tourist Presence -0.016 -0.190∗∗∗∗ -0.203∗∗∗ -0.198∗∗∗∗ -0.186∗∗∗∗

(0.013) (0.049) (0.066) (0.052) (0.048)
Log Income -0.410∗∗∗∗ -0.406∗∗∗∗ -0.406∗∗∗∗ -0.406∗∗∗∗ -0.404∗∗∗∗

(0.005) (0.005) (0.005) (0.005) (0.005)
Provincial Gini -0.023 -0.039 -0.047 0.005 0.074

(0.104) (0.104) (0.113) (0.107) (0.107)
Tour×From25to35 0.088 0.087 0.080 0.092

(0.062) (0.063) (0.064) (0.061)
Tour×From35to50 0.145∗∗∗ 0.144∗∗∗ 0.144∗∗∗ 0.146∗∗∗

(0.052) (0.053) (0.054) (0.051)
Tour×Over50 0.215∗∗∗∗ 0.215∗∗∗∗ 0.213∗∗∗∗ 0.217∗∗∗∗

(0.051) (0.052) (0.053) (0.050)
Constant 3.497∗∗∗∗ 3.563∗∗∗∗ 3.558∗∗∗∗ 3.561∗∗∗∗ 3.525∗∗∗∗

(0.042) (0.045) (0.053) (0.046) (0.046)

Observations 25,520 25,520 25,520 25,520 25,520
R-squared 0.623 0.626 0.626 0.627 0.626
Educ/FamSize Controls Yes Yes Yes Yes Yes
Regional Dummies Yes Yes Yes Yes Yes
Urban Control Yes Yes Yes Yes Yes
Age Controls Yes Yes Yes Yes
Macroregion Controls Yes
Urban×Region Interact Yes
Public Services Controls Yes

Robust standard errors in parentheses
∗∗∗∗ p<0.001, ∗∗∗ p<0.01, ∗∗ p<0.05, ∗ p<0.1
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Table C.3: Subjective Poor on Regional Tourist Presence Regressions

Subjective Poor (Regional SPL)
(A) (B) (C) (D)

Basic Model Tour×Age Macro-Reg Public Services
Interaction Controls Controls

Reg Tourist Presence -0.032∗ -0.008 -0.088 -0.031
(0.016) (0.147) (0.147) (0.146)

Log Income -0.387∗∗∗∗ -0.385∗∗∗∗ -0.385∗∗∗∗ -0.388∗∗∗∗

(0.004) (0.004) (0.004) (0.004)
Provincial Gini -0.385∗∗∗∗ -0.395∗∗∗∗ 0.147∗ -0.472∗∗∗∗

(0.073) (0.073) (0.078) (0.073)
Tour×From25to35 -0.083 -0.089 -0.081

(0.156) (0.156) (0.155)
Tour×From35to50 -0.100 -0.071 -0.087

(0.150) (0.149) (0.149)
Tour×Over50 0.044 0.079 0.054

(0.149) (0.148) (0.148)
Constant 3.422∗∗∗∗ 3.487∗∗∗∗ 3.436∗∗∗∗ 3.495∗∗∗∗

(0.031) (0.036) (0.038) (0.038)

Observations 28,453 28,453 28,453 28,453
R-squared 0.562 0.564 0.588 0.565
Educ/FamSize Controls Yes Yes Yes Yes
Urban Control Yes Yes Yes Yes
Age Controls Yes Yes Yes
Macroregion Controls Yes
Public Services Controls Yes

Robust standard errors in parentheses
∗∗∗∗ p<0.001, ∗∗∗ p<0.01, ∗∗ p<0.05, ∗ p<0.1
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APPENDIX D

FURTHER SUBJECTIVE RELATIVE POVERTY

REGRESSION TABLES

Table D.1: Subjective Relative Poor on Provincial Check-Ins Percentage Regressions

Subjective Relative Poor (ELQ)
(A) (B) (C) (D) (E)

Basic Model Tour×Age Tour×Macroreg Urban×Reg Public Services
Interaction Interaction Interaction Controls

Check-Ins -0.008 -0.066 -0.527∗∗∗∗ -0.085∗ -0.045
(0.027) (0.047) (0.157) (0.051) (0.042)

Log Income -0.143∗∗∗∗ -0.145∗∗∗∗ -0.144∗∗∗∗ -0.145∗∗∗∗ -0.139****
(0.005) (0.005) (0.005) (0.005) (0.005)

Provincial Gini -0.279∗ -0.267∗ -0.461∗∗∗ -0.179 0.064
(0.146) (0.146) (0.156) (0.151) (0.150)

Check-Ins×From25to35 0.046 0.041 0.006 0.069
(0.092) (0.091) (0.093) (0.090)

Check-Ins×From35to50 0.057 0.054 0.058 0.058
(0.057) (0.055) (0.059) (0.053)

Check-Ins×Over50 0.057 0.054 0.057 0.061
(0.056) (0.055) (0.059) (0.052)

Constant 1.668∗∗∗∗ 1.598∗∗∗∗ 1.636∗∗∗∗ 1.565∗∗∗∗ 1.495****
(0.056) (0.059) (0.071) (0.061) (0.060)

Observations 25,331 25,331 25,331 25,331 25,331
R-squared 0.259 0.260 0.267 0.267 0.264
Educ/FamSize Controls Yes Yes Yes Yes Yes
Regional Dummies Yes Yes Yes Yes Yes
Urban Control Yes Yes Yes Yes Yes
Age Controls Yes Yes Yes Yes
Macroregion Controls Yes
Urban×Region Interact Yes
Public Services Controls Yes

Robust standard errors in parentheses
∗∗∗∗ p<0.001, ∗∗∗ p<0.01, ∗∗ p<0.05, ∗ p<0.1
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Table D.2: Subjective Relative Poor on Regional Tourist Presence Regressions

Subjective Relative Poor (ELQ)
(A) (B) (C) (D)

Basic Model Tour×Age Macro-Reg Public Services
Interaction Controls Controls

Reg Tourist Presence -0.101∗∗∗∗ -0.030 0.085 0.032
(0.021) (0.129) (0.131) (0.128)

Log Income -0.136∗∗∗∗ -0.139∗∗∗∗ -0.135∗∗∗∗ -0.129∗∗∗∗

(0.005) (0.005) (0.005) (0.005)
Provincial Gini -0.296∗∗∗ -0.293∗∗∗ -0.338∗∗∗ 0.001

(0.092) (0.092) (0.104) (0.092)
Tour×From25to35 0.003 -0.006 -0.008

(0.142) (0.143) (0.141)
Tour×From35to50 -0.112 -0.130 -0.141

(0.134) (0.135) (0.133)
Tour×Over50 -0.067 -0.086 -0.088

(0.133) (0.134) (0.132)
Constant 1.634∗∗∗∗ 1.563∗∗∗∗ 1.538∗∗∗∗ 1.459∗∗∗∗

(0.038) (0.043) (0.046) (0.044)

Observations 28,256 28,256 28,256 28,256
R-squared 0.253 0.254 0.258 0.260
Educ/FamSize Controls Yes Yes Yes Yes
Urban Control Yes Yes Yes Yes
Age Controls Yes Yes Yes
Macroregion Controls Yes
Public Services Controls Yes

Robust standard errors in parentheses
∗∗∗∗ p<0.001, ∗∗∗ p<0.01, ∗∗ p<0.05, ∗ p<0.1
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geográficos 2004-2012. Lima: Author.
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